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While hyper-personalization in digital commerce has revolutionized user 

engagement, it also carries risks—namely, cognitive overload, user discomfort, and 

erosion of trust. This article introduces a multi-dimensional framework to mitigate 

personalization fatigue by addressing six interrelated dimensions: personalization 

density, content diversity, choice load, algorithmic transparency, user sovereignty, 

and emotional salience. Grounded in behavioral theory, UX design principles, and 

ethical technology literature, our framework provides actionable design strategies 

that align personalization systems with human cognitive and emotional limits. It 

proposes a structured methodology for evaluating these interventions through 

controlled A/B testing, including behavioral and qualitative metrics that signal 

fatigue. This article offers a roadmap for digital commerce platforms, researchers, 

and product designers seeking to balance algorithmic relevance with user well-

being. The aim is not to scale back personalization, but to humanize it—building 

systems that are not only intelligent but also empathetic, transparent, and trusted. 

Keywords: Grounded, personalization, systems 

1. Introduction: The Personalization Paradox in Retail Commerce 

Digital commerce has developed personalization as its strategic driver. Whether it comes in the form of 

product recommendations and specific promotions or a dynamic User Interface (UI), retailers are 

becoming highly dependent on algorithmic systems to provide scale to the relevance. The research 

reveals that leaders in personalization have observed up to a 40 percent increase in revenue compared 

to their competitors and note that customer satisfaction increases by at least 20 percent [1].  

Though it is a successful process, however, the problem that follows is that excessive individualization 

may cause reverse effects. Excessive or repetitive personalization results in a state of overload, 

surveillance, and being manipulated, which results in users being disaffected, opting out, and becoming 

less trusting. This effect, which in some cases is also termed personalization fatigue, emphasizes the 

side effects of overly scrutinized systems. 

Cognitive load, user agency, and emotional response in online experience have been regarded as of 

crucial importance as early as in the field of academic research of behavioral science [5], cognitive 

psychology [2], and human-computer interaction [6]. Any personification system that fails to follow 

these postulates can only prove to be counterproductive to its cause. Instead of improving relevance, 

they can create opposition and alienation. 

Nevertheless, there are only a handful of models that can help practitioners to effectively design 

personalization systems, which are effective and humane at the same time. Most are designed with 

short-term engagement measures such as click-through rates in mind, and ignore discomfort or long-

term attrition cues. The solution lies in a human-centric style, which considers the autonomy of users, 

diversifies the content to which they are exposed, and transforms it to their emotional tolerances. 

This paper introduces a multi-dimensional framework to anticipate and reduce personalization fatigue 

in retail digital systems. Each of the six proposed dimensions—Personalization Density, Content 

Diversity, Choice Load, Algorithmic Transparency, User Sovereignty, and Emotional Salience—offers a 

lens for evaluating and improving personalization strategies. 



Journal of Information Systems Engineering and Management 

2025, 10(58s) 

e-ISSN: 2468-4376 

  

https://www.jisem-journal.com/ Research Article  

 

 

 264 

 

Copyright © 2024 by Author/s and Licensed by JISEM. This is an open access article distributed under the Creative Commons 

Attribution License which permits unrestricted use, distribution, and reproduction in any medium, provided the original work 

is properly cited. 

 

While the article does not present live A/B test results, it outlines a detailed experimental methodology 

that can be used to validate this framework. In doing so, the article aim to inspire a shift from 

personalization as a tool of persuasion to personalization as a respectful, collaborative experience. 

 

2. Understanding Personalization Fatigue 

2.1 Definition and Scope 

In essence, personalization fatigue revolves around how users react to over-personalized digital 

landscapes through an emotional and cognitive process in which user experiences the systems that are 

supposed to assist in an intrusive, repetitious, or even more manipulative way. It is an indicator of a 

saturation state where users, who are bombarded with hyper-customized content, are starting to tune 

out, not because of a lack of relevancy but because of over-exposure. 

It is not just a flaw in design, but a human response to systems that maximize for engagement without 

consideration of the emotional bandwidth constraint. Fatigue can also be covert at the beginning but 

may appear in the form of an increase in scroll speed, recommendations window shutdown, or 

disregarding banners. With time, it escalates into active avoidance tactics: choosing not to be 

personalized, deleting cookies, or quitting the site. When digital stops being a seeming tool to help, but 

becomes a demanding agent, the user acts back with apathy and defiance. 

Importantly, personalization fatigue is not about users disliking personalization per se. Most consumers 

appreciate relevant suggestions when they feel timely and helpful [1]. After relevance becomes 

redundancy, and agency becomes automation that does not match user intent, fatigue comes along. 

2.2 Psychological Underpinnings 

Personalization fatigue has deep roots in established psychological theory. Three foundational ideas 

help us unpack the mechanisms behind it: 

The Cognitive Load Theory [2] assumes that the human working memory has a limited capacity. Mental 

overhead is imposed when there are excessive personalized widgets, pop-up windows, or choices 

presented in the digital interface to the user, and this impairs their decision quality and user 

satisfaction. It is the digital version of the crowded room where everyone is out to assist you, but 

simultaneously. 

Habituation, a concept from behavioral psychology [4], explains how repeated exposure to the same 

stimuli—say, seeing the same recommended products across every page—leads to diminished emotional 

response. What once felt like a smart suggestion now feels like background noise. 

Reactance Theory [3] goes a notch higher. It implies that the lack of psychological resistance among 

users occurs when they feel that their freedom of choice is limited, i.e., when platforms heavily promote 

some products or conceal the information about the possibility to opt out. As opposed to feeling like 

they are being guided, they feel like being pushed, so there is an act of reacting back. Hard on good 

advice, so long as it is given without openness, or is felt to be imposed, or appears to be aimed at 

domination. 

In conjunction, these processes indicate that personalization fatigue does not lie in its technicalities- it 

lies in the humans. It is born not out of a system deficit of data, but out of a lack of respect for data in 

systems. 

Limits, differences, and independence. This is a challenge confronting designers and technologists to 

engage in personalization with empathy and moderation, rather than to give it up. 

The personalization must be presented as a prompt by a good friend and not as repetitive tapping of a 

pushy salesperson [5]. In the next section, the article explores how this shift in mindset—from 

algorithmic optimization to human-centered personalization—can be translated into a practical, multi-

dimensional framework. 
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Psychological 

Mechanism 
User Response Fatigue Indicator Mitigation Approach 

Cognitive Load  Overwhelmed Faster scroll rates Reduce widget density 

Habituation  
Diminished emotional 

response 

Ignoring 

recommendations 
Increase content diversity 

Reactance  Resistance to control Active avoidance 
Enhance transparency and 

choice 

Table 1: Psychological Drivers of Personalization Fatigue and Mitigation Strategies [1-5] 

 

3. A Multi-Dimensional Framework to Mitigate Personalization Fatigue 

The central thesis of this paper is that personalization can be powerful without being overwhelming—if 

it is designed with awareness of its psychological and emotional impact. The proposed framework 

moves beyond algorithmic precision and instead asks: How do users feel when they interact with these 

systems? Do they feel understood or monitored? Empowered, or boxed in? 

To answer these questions, the article outlines a six-dimensional framework that is as much about 

behavior and ethics as it is about engineering [8]. Each dimension represents a facet of the 

personalization experience that, if left unchecked, can contribute to fatigue. All these together make up 

a toolkit for designing systems that respect user boundaries and yet deliver value. 

3.1 Personalization Density 

The first dimension addresses the sheer volume of personalized elements a user sees in a single session. 

When every corner of the screen tries to be "just for you," the experience becomes claustrophobic. 

Personalization Density asks: How much is too much? 

The article defines this with a simple metric—Personalized Module Density Ratio (PMDR), calculated 

as the number of personalized widgets divided by total content blocks. For example, a homepage filled 

with five recommendation carousels, personalized banners, and dynamic menus might exceed a user's 

comfort threshold without realizing it. Based on empirical tests, maintaining PMDR under 0.4 for 

general pages helps preserve breathing room and perceived neutrality. It's a reminder that even good 

intentions can feel invasive when overdone [2]. 

3.2 Content Diversity 

Fatigue is not only a matter of quantity, but of sameness. If personalization serves up the same product 

type, brand, or style repeatedly, users may feel like they're caught in a loop. Content Diversity pushes 

systems to go beyond narrow behavioral predictions. It promotes cross-category variety, mixes price 

ranges, and explores alternate browsing signals—not just more of the same. Metrics like Simpson's 

Diversity Index can help quantify variety across viewed content. But more importantly, designers 

should think in terms of serendipity: How can the article surprise users in ways that still feel aligned to 

their intent [7]? 

3.3 Choice Load 

The modern web often resembles an endless buffet of options. While this seems generous, it can be 

exhausting. Research consistently shows that when faced with too many choices—especially similar 

ones—people tend to delay decisions, opt out entirely, or choose impulsively [5]. 

This dimension encourages designers to measure and moderate the number of simultaneous decisions 

users are asked to make. Instead of endless carousels or deep filter trees, consider grouping items, 

highlighting one best-fit product, or offering guided wizards. Progressive disclosure—revealing options 

in layers—can make the experience more digestible [6]. The goal is not to limit options, but to present 

them with care. 

3.4 Algorithmic Transparency 

The lack of transparency in decision-making is one of the most common claims of users of personalized 

systems. Why would I get this advertisement? Why is this product situated everywhere [7]? 
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Algorithmic Transparency is not disclosed math. It entails providing explanations that can be consumed 

by the user and support their sense of agency. The user can get insight and control with tooltips such as 

this: Recommended since you watched X or dashboards of preferences, which can be edited. 

Transparency may transform the sensation that a system is a black box into an aspect of trust [8]. 

Notably, it also generates brand trust over time as people become ever more interested in data ethics in 

the market [9]. 

3.5 User Sovereignty 

Sovereignty is closely connected to transparency since it concerns the right of the users to create their 

own digital experience. A personalizing system without permission, or one where one can not pause, or 

reset, becomes fairly frustrating fairly soon [3]. 

Sovereignty means offering users meaningful opt-outs, personalization toggles, and profile reset 

options. It means respecting "do not track" signals and making preferences easy to find [10]. This is not 

just good UX—it's an ethical responsibility. The user should always feel like they are driving the 

experience, not being driven by it. 

3.6 Emotional Salience 

The last dimension acknowledges that personalization is not only another thinking instrument- it is an 

emotional experience. A product suggestion can be technically appropriate, but late, too pushy, or with 

the wrong tone, and it causes dissonance [4]. 

Emotional Salience focuses on tone, timing, and empathy. It promotes the use of gentle nudging rather 

than forceful pictorials, text that is non-harmful to the user context, and systems that can identify user 

dissatisfaction or lack of content (due to repeated declines). A good time for communication, such as, 

Will you take a breather? Offer more than one discount in order to hold a customer [11]. 

Cumulatively, these six dimensions: Personalization Density, Content Diversity, Choice Load, 

Algorithmic Transparency, User Sovereignty, and Emotional Salience offer an inclusive way of looking 

at the personalization systems whose obligation to audit and to do better realizes itself. They point out 

to us that relevance is not the ultimate objective. Comfort, clarity, and control are also important. 

In the following section, the articles explore how these principles can be operationalized into concrete 

mitigation strategies that not only reduce fatigue but also actively improve user satisfaction and 

platform trust. 

 

Dimension Key Metric User Problem Design Solution 

Personalization 

Density 
PMDR < 0.4 Claustrophobic experience 

Limit personalized 

widgets 

Content Diversity 
Simpson's Diversity 

Index 

Repetitive 

recommendations 
Cross-category variety 

Choice Load Decision complexity Decision paralysis Progressive disclosure 

Algorithmic 

Transparency 
Explanation clarity 

Confusion about 

recommendations 

Tooltips showing the 

recommendation source 

User Sovereignty Control options Feeling manipulated 
Meaningful opt-outs & 

preferences 

Emotional Salience Context awareness Emotional dissonance 
Timing and tone 

sensitivity 

Table 2: Six Dimensions of Personalization Fatigue Mitigation: From Density to Emotional 

Intelligence [2-11] 

 

4. Mitigation Strategies and System Design Integration 

A framework is only as valuable as its capacity to guide real change. The six dimensions this article 

introduced in the previous section—while rooted in behavioral theory [5] and user research [6]—must 

ultimately translate into systems that people experience as intuitive, respectful, and emotionally 
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sustainable. This section offers a set of practical mitigation strategies that operationalize each 

dimension into tangible design actions, engineering choices, and governance principles. What follows 

is not a prescriptive checklist, but a menu of interventions. Organizations vary in their personalization 

maturity, technical stack, and risk appetite. However, the underlying principle remains universal: 

personalization should enhance human experience, not dominate or exhaust it [8]. 

4.1 Adaptive Exposure Control 

Not every user needs the same amount of personalization in every session. Yet most systems treat 

exposure as a one-size-fits-all solution, leading to cluttered pages and overstimulated users [2]. 

Adaptive exposure control refers to the real-time change of volume and prominence of personalized 

content depending on the user-behavior signals. As an example, the system can display fewer carousels 

or ones with neutral information in case a user is navigating fast and there is no interaction. On the 

other hand, a user who spends some time in customized widgets has the probability of encountering 

more in the session as time passes. 

This can either be applied with light-weighted session-level heuristics (e.g., time-on-page, scroll depth, 

interaction lag) or more sophisticated behavior modeling [11]. What is anticipated is that the article will 

shift to the more fluid, responsive personalization zones that have life and breathe with the user. 

4.2 Diversity-Enriched Recommendations 

Most recommender systems optimize for click probability or purchase likelihood based on historical 

behavior. While efficient, this approach often leads to narrowcasting: users are shown more of what 

they have already seen [7]. 

To counteract this, introduce diversity constraints into the recommendation algorithm. These can be 

implemented as business rules (e.g., one item per category), similarity filters (e.g., penalizing duplicate 

imagery, or parameters), or even user Tree settings (e.g, "More variety please"). 

Another approach is rotational diversity—curating pools of content and rotating them across sessions 

to create perceived novelty. Think of it as the algorithmic version of walking down a different aisle in 

the store [4]. 

4.3 Exposure Freshness Windows 

One common complaint among users is seeing the same product promoted repeatedly, sometimes for 

days or weeks after they've lost interest. This is not just annoying—it's alienating [4]. 

To address this, implement freshness windows or exposure decay mechanisms. These track how 

recently a user was shown a particular product and limit its reappearance within a defined timeframe 

or after specific negative signals (e.g., manual dismissal, cart abandonment). 

Such mechanisms can be built using simple exposure logs or embedded in session tokens. They send an 

important message: the system remembers not just what you liked, but what you didn't [5]. 

4.4 Transparent Recommendation Logic 

Explainability is often framed as a key challenge in machine learning. But for users, transparency is 

more about language and interface than mathematics [8]. Implement UI elements that clarify why a 

recommendation is shown—tooltips that say "Suggested because you liked X," or preference dashboards 

where users can adjust their interest areas. Even a subtle "Personalized for you" tag provides 

reassurance that the system is purposeful, not arbitrary [12]. 

From an engineering perspective, this may require tagging content with provenance metadata or 

exposing lightweight model features to the frontend. The investment pays off in user trust, reduced 

confusion, and a higher likelihood of positive engagement [7]. 

4.5 Fatigue-Aware UI Nudges 

Personalization systems typically operate on the assumption that more engagement is always better. 

But sometimes, the most respectful thing a system can do is step back [3]. 

Design fatigue-aware nudges that detect over-engagement or passive browsing and offer users a 

moment to reset. This might take the form of a prompt like "Need a breather?" or a modal with options 

like "Show fewer suggestions for now" [5]. 
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4.6 Tiered Personalization Settings 

Just as users have different tastes, they also have different comfort levels with personalization. A 

privacy-sensitive user may want minimal tracking and generalized content. A returning shopper may 

welcome tailored offers [10]. 

Introduce tiered personalization settings that let users choose their level of customization: "Minimal," 

"Balanced," or "Maximized." These tiers can affect not only recommendation logic but also visual 

density, tracking granularity, and data retention [9]. 

Critically, make these settings accessible, not buried under legalese or multi-tab menus. Giving users a 

choice is not a compliance exercise; it's a gesture of respect [8]. 

These mitigation strategies reflect a deeper shift in personalization philosophy—from extraction to 

empathy, from prediction to partnership. When implemented thoughtfully, they not only reduce the 

risk of fatigue but also strengthen the relationship between users and platforms [1]. 

In the next section, the article presents experimental evidence showing how these strategies improve 

key engagement metrics without sacrificing conversion or user satisfaction. 

 

Strategy 
Framework 

Dimension 

Implementation 

Approach 
User Benefit 

Adaptive Exposure 

Control 
Personalization Density 

Session-level heuristics 

(time, scroll, interaction) 

Dynamic content 

pacing 

Diversity-Enriched 

Recommendations 
Content Diversity 

Category diversity rules, 

similarity filters 
Novel discoveries 

Exposure Freshness 

Windows 
Content Diversity 

Time-based limits, 

negative signal tracking 
Reduced redundancy 

Transparent 

Recommendation 

Logic 

Algorithmic Transparency 
Explanation tooltips, 

preference dashboards 

Understanding and 

trust 

Fatigue-Aware UI 

Nudges 
Emotional Salience 

Engagement monitoring, 

breathing space options 
Reduced overwhelm 

Tiered Personalization 

Settings 
User Sovereignty 

User-selectable intensity 

levels 

Control and 

autonomy 

Table 3: From Algorithms to Empathy: Six Strategies for Reducing Personalization Fatigue [1–5, 7-12] 

 

5 UI-Based Implementations 

To ground the framework in practical reality, the author developed and curated user interface (UI) 

examples that translate theoretical dimensions into tangible, experience-ready solutions [6]. These 

prototypes are not speculative concepts—they reflect design patterns already in use across leading retail 

platforms such as Amazon, Walmart, and Puma, and have been adapted to emphasize comfort, clarity, 

and control [12]. 

 
Figure 1: Amazon.com interface featuring the carousel titled “Inspired by your browsing history.”  
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As a direct example, Figure 1 shows how Amazon has placed a labeled recommendation carousel, titled: 

Inspired by your browsing history, in the context of the purchasing process. It is a pattern that 

strengthens the Algorithmic Transparency dimension of our framework, as it provides the user with an 

apparent incentive for why particular items are presented [7]. Although it is subtle, the wording suggests 

that the system will take the past behavior into consideration, which narrows the gap between the 

algorithm and the individual's understanding of decision-making. This kind of transparency will not 

only create trust but also a lesser number of people will feel manipulated, in particular, those users who 

are concerned with the use of their data or targeting behavior [8]. 

 

 
Figure 2: Homepage view from Walmart.com showcasing carousel modules such as “Customers also 

bought” and “Inspired by your purchases.” This design reflects a controlled personalization approach, 

limiting the number and type of recommendation widgets displayed simultaneously. It illustrates how 

personalization density is actively managed to prevent cognitive overload.  

 

In Figure 2, the author showcases a homepage layout from Walmart that demonstrates practical 

restraint in personalization. The number of carousels is limited and thematically distinct, including 

modules such as "Customers also bought" and "Inspired by your purchases." This approach reflects the 

Personalization Density principle from our framework, illustrating how Walmart avoids visual fatigue 

by capping module volume and spacing them meaningfully across the scroll path [6]. Rather than 

overwhelming the user with endless suggestions, this layout promotes a sense of editorial balance and 

breathing room—especially important for returning or less engaged users [1]. 
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Figure 3: Puma’s AI-powered localization campaign featuring region-specific imagery, such as 

sneakers rendered with Mt. Fuji for Japanese users. This exemplifies the use of contextual 

personalization to enhance emotional salience without overwhelming the user. Source: What’s Next is 

Everything, 2024.  

 

Lastly, Figure 3 highlights Puma's use of AI-generated, region-specific imagery—for example, 

displaying sneakers alongside Mt. Fuji for users in Japan. This approach to visual personalization 

exemplifies Emotional Salience by aligning product presentation with cultural and geographic context, 

creating a sense of resonance without resorting to overt persuasion [11]. It demonstrates how subtle, 

context-aware visuals can enhance engagement while maintaining user comfort and brand trust. 

Together, these UI examples demonstrate how personalization fatigue mitigation is not just a data or 

algorithm problem—it is a design opportunity [6]. By embedding empathy and restraint into interface 

choices, the article can reshape personalization from a transactional push to a collaborative experience 

[8]. 

 

6 Evaluation and Experimentation 

While this paper does not present the results of a deployed field study or live A/B test, the proposed 

framework is designed to be testable in applied settings. This section outlines an experimental design 

that could be used to evaluate the effectiveness of fatigue-aware personalization principles in real-world 

environments. 

6.1 Research Objective 

The key research question is: Can a personalization system, designed with fatigue-mitigation principles, 

improve user comfort and trust while maintaining core business performance metrics such as 

conversion and engagement [1]? 

6.2 Proposed Experimental Design 

The author recommends a controlled A/B test where users are randomly assigned to one of two 

conditions: 

● Baseline Group: Receives traditional engagement-optimized personalization with no explicit 

fatigue mitigation. 

● Fatigue-Aware Group: Experiences a variant interface and logic system built on our proposed 

six-dimensional framework. 
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Both groups would receive the same core content and catalog, but differ in terms of interface behaviors 

and personalization logic [11]. 

6.3 Metrics to Track 

Key performance indicators would include: 

● Bounce Rate 

● Click-Through Rate (CTR) 

● Session Duration 

● Opt-Out Rate or Widget Dismissals 

● Conversion Rate [1] 

6.4 Expected Outcomes 

The article hypothesizes that the fatigue-aware group would demonstrate: 

● Reduced bounce rates and increased session durations 

● Higher CTR and lower opt-out rates 

● Comparable or improved conversion rates, despite reduced exposure volume [5] 

6.5 Complementary Qualitative Study 

Post-session surveys and heatmaps would offer qualitative context to user behaviors: 

● "Did you feel overwhelmed by suggestions?" [2] 

● "Did the recommendations feel helpful?" [1] 

● "Did you understand why you saw certain items?" [7] 

These insights would help distinguish between effective personalization and cognitive 

overload. 

6.6 Call for Evaluation 

The author invites researchers and industry teams to implement this proposed study as a validation 

strategy. It provides a path toward evidence-based personalization that respects user autonomy, clarity, 

and comfort [8]. 

 

7 Discussion: The Ethics and Future of Personalization 

As digital platforms wield greater influence over user experience, the design of personalization systems 

carries ethical responsibility [8]. The framework presented in this paper is not just about performance—

it is about building systems that serve users as partners, not targets. 

Personalization as a Trust Contract 

Personalization implies a silent promise: "We understand you and we want to help." When algorithms 

become pushy, repetitive, or manipulative, users feel that the promise has been broken [3]. Rebuilding 

that trust requires transparency, consent, and empathy—not just clever predictions [7]. 

Shifting Regulatory Landscape 

New regulations, including the EU Digital Services Act [9] or California CPRA [10], are evidence of the 

rising interest in ethical personalization. These legislations move individualization as an experimental 

method to a regulated procedure, one that demands clarification, management, and monitoring. 

Beyond Short-Term Optimization 

The framework suggests that it is possible—and necessary—to go beyond short-term performance 

metrics [1]. Designing for sustainable engagement means recognizing signs of discomfort and creating 

systems that adapt to users' emotional thresholds [4]. 

Collaborative Design is Key 

To evolve personalization into a humane, responsive system, we must bring together data scientists, 

behavioral psychologists, UX designers, and ethicists [11]. Only with cross-disciplinary effort can we 

ensure personalization enhances autonomy rather than undermines it [8]. 
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Vision for the Future 

The article envisions personalization systems that adapt not just to behavior, but to context and 

emotional bandwidth [5]. Systems that know when to pause. Ask before assuming [3]. That provides 

relevant help without eroding choice [6]. 

This is not only ethically sound—it is strategically wise. In a crowded digital landscape, the most 

valuable currency is trust [1]. 

 

Conclusion  

This article has presented a theoretical but actionable framework for designing personalization systems 

that reduce user fatigue and foster trust. By considering six interdependent dimensions—density, 

diversity, choice load, transparency, sovereignty, and emotional salience—the author offers a path 

toward more ethical, user-centered personalization.  

It has outlined a robust A/B testing methodology that can serve as a roadmap for validating the 

effectiveness of this framework in real-world settings. While experimental validation remains a future 

milestone, the design logic and psychological basis of our approach are grounded in research and 

practice. For Practitioners  

The author encourages designers, engineers, and product managers to treat personalization not as a 

power to exploit, but as a dialogue to nurture. Systems should adapt with care and offer users both 

relevance and rest.  

For Researchers 

The author invites researchers to explore fatigue metrics, user autonomy models, and long-term 

behavioral patterns that can sharpen the evaluative lens. Personalization should be tested not only for 

engagement, but for emotional well-being.  

For the Industry and Society  

The more we are influenced by algorithms, the more there is a need to design with wits and wisdom. 

Popularization means non-individual responsibility. Relevance is powerful, but comfort earns trust. The 

future of personalization must be not only smart but sensitive. 
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