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The shift in customer engagement practices in organisations, as the practice of mapping 

the customer journey is replaced by the dynamic one of personalisation through AI, is 

inherently a significant change in organisational practices. Existing autologous journey 

maps that are sufficient in defining foreseeable courses are becoming ineffective in 

describing the complexity of omnichannel behaviours and fast-changing consumer 

demands. Artificial intelligence as a key enabler is used to process large volumes of data 

that create detailed customer profiles, identify behavioural trends, predict needs, and 

enable real-time adjustments to take place in all touchpoints. Coherent, personalised 

experiences built through integrated intelligent chatbots, predictive intervention 

strategies, custom content delivery, and unified customer profiles react to individual cues 

instead of putting customers on set routes. Organisations that implement such capabilities 

record high customer engagement, conversion, retention, and lifetime customer value. 

The transition of this type would require not only technological implementation, but also 

organisational adjustment, change of measurement frameworks, and an overall change of 

the philosophy of experience management into strategy and proactive experience 

management, which is anticipatory rather than merely reactive to direct demands. 

Keywords: Customer Journey Personalization, Artificial Intelligence, Predictive 

Analytics, Omnichannel Experience, Dynamic Journey Orchestration 

Introduction 

Customer journey mapping became a pioneer customer experience strategy, which has long been used to 

represent interactions in a linear manner, with interactions across pre-purchase, purchase, and post-

purchase phases. The traditional models represent customer flows among touchpoints and try to measure 

emotional reactions to these touchpoints. Although all have followed suit, the use of static journey maps 

indicates the massive constraints in the current omnichannel setup. Empirical studies show that these 

maps often do not capture digital interactions in a way that can suffice, cannot capture non-linear 

behaviours in a way that can suffice, and they cannot keep up with changing customer expectations. These 

maps are static artefacts, not dynamic, which is the fundamental weakness of these maps; in essence, they 

are a snapshot of idealised journeys and not a mirror of actual customer experiences [1]. 

There is a major shift in the ways in which organisations are conceptualising customer journeys, and these 

are no longer defined by fixed, pre-determined routes, but rather have become adaptive systems that react 

to the specific signals of individual customers. This paradigm shift acknowledges the contemporary 

customer experience as non-linear and the customer alternates between channels in an unpredictable 

fashion depending on his/her preference and situational issues. Dynamic journey mapping allows 

organisations to react to behavioural signals in real time, developing individual journeys as opposed to 

fixed routes. With organisational dynamic strategies, there are quantifiable satisfaction ratings and 

customer turnover rates, as opposed to the conventional organisational methods. This development is one 
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of the essential re-conceptualisations of customer journeys as continuous dialogue instead of being pre-

specified paths [1]. 

The key to this transformation is artificial intelligence, which handles large customer data volumes like 

never before and at an even faster pace. The implementation of AI in the journey orchestration process 

becomes faster because organisations realise that it is impossible to manually analyse the complexity of 

the information created in the touchpoints. Artificial intelligence systems have discovered patterns in web 

analytics, mobile traffic, social interactions, and direct interactions to create complete customer profiles 

that are continually updated. The technology makes it possible to anticipate the needs of the customers 

even when they are not clearly stated and to plan personalised cross-channel experiences. Companies 

using AI to improve the customer experience in their journeys are seeing considerably greater returns on 

customer experience investment than traditional methods [2]. 

Although it is accepted that AI is capable of improving customer experiences, a major implementation gap 

exists in industries. Although experienced leaders clearly understand the benefits, there are not that many 

who can create elaborate frameworks that consider both the technological demands and problems of the 

organisation. Most of the existing solutions tend to involve individual touchpoints without addressing the 

full transformation of the journey. Other obstacles are data siloes standing in the way of having a unified 

view of the customer, organisational structures that have entrenched channel-based thinking, and 

measurement systems that cannot measure cross-channel effects. The challenges highlighted in this case 

contribute to the necessity of organised methodologies of implementation that will deal with the 

deployment of technologies, organisational alignment, and cultural change [2]. 

Personalisation using AI enables better business results via adaptive customer journeys, generating 

superior business results, and is more responsive in real-time, predictive, and continuous optimisation. 

These capabilities redesign customer paths as fixed blueprints and make them heterogeneous 

relationships that respond to personal preferences. The basic benefit is substituting the reactive approach 

to experience management with proactive management - having needs that are anticipated instead of 

addressed to direct requests. The strategies of AI journey improvement that are implemented properly are 

the ones that yield benefits throughout the whole customer lifecycle, engagement to conversion, retention, 

and advocacy [1]. 

 

Evolution of Customer Journey Mapping 

The customer experience conceptualization has also experienced a dramatic shift during the last decades, 

and it has shifted away from primitive linear paradigms toward complex, multidimensional frameworks. 

The first conceptualizations were based on the marketing theory of the early twentieth century, in which 

simple purchase funnels were used to trace the decision-making process in a stepwise progression. The 

linear models were sufficient in the traditional settings where the customer trajectories could be predicted 

relatively accurately. With the introduction of multichannel retailing in the 1990s, more complex 

cartographic tools were required, but they still followed linear developments to a large extent. The digital 

revolution brought about a true paradigm shift, which has essentially reorganized the consumer research 

process, their evaluation process, the process of consummation purchase, and interaction with brands. 

Modern journey- mapping approaches aim to capture the increasingly complex behavioural patterns 

traversing both offline and online touchpoints, and recognise that modern customers communicate in a 

heterogeneous ecosystem of channels and not a set of channels [3]. 

The traditional customer journey mapping is very limiting because consumer behaviour is becoming more 

complex. Conventional journey maps depict perfected journeys instead of realistic behaviours, thus 

creating a discrepancy between the journeys depicted on the map and lived life. These methods usually 

represent journeys as homogeneous procedures used on large segments, thus missing the individualistic 



Journal of Information Systems Engineering and Management 
2025, 10(60s) 

e-ISSN: 2468-4376 

  

https://www.jisem-journal.com/ Research Article  

 

 1085 Copyright © 2025 by Author/s and Licensed by JISEM. This is an open access article distributed under the Creative Commons 

Attribution License which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is 

properly cited. 

 

aspect of contemporary purchasing choice. The issue with static maps is that they are not able to capture 

emotional and contextual issues that have a significant impact on decision-making, hence have to simplify 

the process flow to simple flows. Most importantly, perhaps, the traditional journey maps are becoming 

outdated very quickly in the modern, rapidly changing digital environment, whereby new channels are 

being created every minute and customer preferences are changing dramatically fast. Empirical studies 

indicate that a smaller part of the real customer interactions is reflected by the use of a static mapping 

method and, therefore, important parts of digital interactions, research behaviours, and post-purchase 

interactions, which constitute the levels of customer satisfaction and loyalty, are also neglected [3]. 

The classical journey optimisation has significant problems that limit its performance. Disjointed 

organisational structures are one of the main issues as the departments are siloed, and they form a 

disconnected experience. This disintegration is also evident in the data collection process, and often, 

customer data is stored in a fragmented system, thus not allowing them to create a complete picture of the 

customer. Organisations have found it hard to relate meaningfully between online and offline behaviours, 

and this has brought about artificial differences between the internet and physical interaction. 

Measurement frameworks also present further problems, because traditional measures tend to 

concentrate on channel-based performance and not the overall effectiveness of a journey. The 

technological framework itself is also a limiting factor to optimisation, hindering the use of real-time 

interventions on the basis of journey insights due to the use of outdated technological systems [4]. 

The current customer engagement increasingly requires immediate flexibility as the expectations are 

changing due to exemplary engagement in every industry. Digital pioneers have redefined the levels of 

expectation on convenience, personalising, and responsiveness. Consumers have come to expect brands to 

identify them through touchpoints, remember past experiences, and deliver contextually relevant 

experiences. Survey shows that the gap in expectations between what is expected by the customers and 

what is provided by the organisations is increasing, thus posing a significant business risk since customers 

are increasingly ready to change providers based on experience quality rather than product or price 

characteristics [4]. 

 

Traditional 

Approach 
Modern Approach Limitations 

Benefits of the 

Dynamic Approach 

Linear pathways 
Non-linear, adaptive 

frameworks 
Idealized vs. actual behavior 

Real-time 

responsiveness 

Predetermined 

touchpoints 

Omnichannel 

ecosystems 

Inability to capture digital 

interactions 
Personalized pathways 

Static artifacts Dynamic tools Rapid obsolescence Continuous adaptation 

Segment-based Individual-focused 
Fragmented organizational 

structures 

Improved satisfaction 

scores 

Channel-specific 

metrics 

Journey-oriented 

indicators 
Siloed customer data 

Reduced customer 

churn 

Table 1: Evolution of Customer Journey Mapping [3, 4] 

 

The shift to data-driven, dynamic journey orchestration is the edge of managing the customer experience. 

This transformation can be described as having integrated customer-data platforms that combine 

behavioural, transactional, and emotional data to form complete profiles that keep on evolving. The more 

advanced methods include predictive modelling to foresee needs and the next-best behaviours, and as a 

result, preemptive interventions. The most advanced deployments use machine-learning-based 
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algorithms to optimise the journey routes in a continuous manner, forming self-evolving customer 

experience ecosystems [3]. 

 

AI Technologies Transforming Customer Journeys 

The data collection at the various touchpoints will be comprehensive, and this will act as a basis for AI-

enhanced customer journeys. Signals to organisations are now produced in a multitude of different forms, 

resulting in rich behavioural profiles, which allow personalised experiences. Web analytics has advanced 

to such an extent that it is no longer a simple tool of measuring traffic, but a complex behavioural insight 

that depicts subtle interactions that show customer intent. The personal aspect of the devices, as well as 

the contextual information they can obtain, makes mobile applications valuable data streams. Key 

information on sentiment and brand perception can be gained through social media platforms through 

both expressive and non-expressive messages. The new conversational interfaces open up new avenues to 

understand customer needs in a natural language, thus giving a direct perspective of the intentions, 

frustrations, and satisfaction levels. Studies have shown that organisations with a single data-collection 

approach generate more coordinated customer experiences as compared to organisations that use 

channel-based data silos. Advanced methods use passive gathering systems that reduce the efforts of the 

customer and maximise the understanding, thus giving opportunity to create experiences that learn upon 

observed behaviour as opposed to actor-based approaches [5]. 

The machine learning algorithms have transformed the way in which organisations understand customer 

behavioural patterns to discover the hidden signals that cannot be detected by traditional analytics. These 

algorithms are really good at identifying the complex patterns in massive datasets, thus revealing the 

connections between seemingly unrelated behaviours and pointing to given needs or intentions. In 

supervised learning models, past data trends are used to estimate the probable customer behaviour to 

preemptively satisfy the needs of customers. Unmanaged learning strategies identify the natural customer 

segments according to the similarities in behaviour as opposed to the demographic features. Deep-

learning systems show very high levels of processing unstructured data, including images, voice, and 

natural language. Reinforcement learning helps in continuous optimisation of customer pathways by 

conducting trials and errors, as the systems can adapt automatically to the results of experiments. 

Increased availability with cloud-based services has seen a significant increase in the adoption rate across 

all industries, and the complexity of an implementation decreases as the sophistication of the algorithms 

rises. Companies that use sophisticated machine-learning tools are reporting a high conversion rate, 

average order value, and retention of customers versus rule-based models [6]. 

NLP has also made conversational interfaces a complex engagement platform that can hold meaningful 

conversations along the customer paths. To a point where the recognition of a keyword is simple, modern 

NLP goes into contextual knowledge that employs subtle meaning to the messages. Intent recognition 

works out the customer needs even when they are represented differently or with a different 

communication style. Sentiment analysis identifies signs of emotions, and thus, it is possible to make 

relevant changes to tone in accordance with the mood of the customer. Entity extraction retrieves 

particular products, services, and any other information that has been discussed and, as such, connects 

the dialogue to the backend. Generation language creates more natural responses, which evolve based on 

the situation and the interactions. Domain models. The domain-specific language models have knowledge 

of the industry language and specialised concepts, and thus are more accurate in technical support 

scenarios. Companies that adopt the high-level NLP capabilities record enhancement in customer 

satisfaction, besides lowering the cost involved in service-deliveries, whereby frequent questions that used 

to involve human participation can now be addressed using AI operations [5]. 
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Predictive analytics changes the management of journeys into a reactionary strategy instead of the 

anticipation of the customer's needs. These technologies use historical trends to predict probable 

behaviours, thus preventing the occurrence of the problems. Churn-prediction models are used to 

recognise customers with the signs of early disengagement, thus allowing proactive retention of this group 

of customers. Purchase-propensity modelling selects the customers who are the most receptive to 

individual offers using behavioural cues. Next-best-action prediction guides interaction strategy by 

identifying appropriate next steps based on context and historical patterns. Organisations with mature 

predictive analytics capabilities achieve substantially higher customer satisfaction and loyalty metrics 

compared to those operating in reactive modes [6]. 

 

Technology Capability Application Impact 

Data Collection 

Mechanisms 

Cross-touchpoint signal 

capture 

Web analytics, mobile, social 

media 

Unified behavioral 

profiles 

Machine Learning 

Algorithms 

Pattern recognition in 

large datasets 

Customer segmentation, 

propensity modeling 

Proactive needs 

addressing 

Natural Language 

Processing 

Conversational 

understanding 

Chatbots, sentiment analysis, 

and intent recognition 

Improved 

customer 

satisfaction 

Predictive Analytics Behavior forecasting 
Churn prediction, purchase 

propensity 

Proactive 

intervention 

Deep Learning 
Unstructured data 

processing 

Image, voice, language 

understanding 

Enhanced service 

delivery 

Table 2: AI Technologies Transforming Customer Journeys [5, 6] 

 

Implementing AI-Driven Personalisation Across Touchpoints 

The emergence of intelligent chatbots and virtual assistants has become essential customer contact points 

in the interaction process, as they provide instant advice to the customer during the interaction process, 

which changes the paradigm of service delivery. These chatbots handle the routine queries and user 

navigation in the standard processes without the intervention of a human being. More developed 

applications then use more advanced natural-language understanding modules that can understand the 

user intent regardless of language differences, and thus provide more naturalistic interactions. The 

change to AI-based assistants has expanded the range of services that chatbots can be used in, providing 

information for more complex interactions, including recommendations, troubleshooting, and 

transactions. The incorporation of personality-related aspects also creates exciting experiences that 

contribute to emotional attachments as opposed to the simple delivery of facts. The most successful 

organisations focus on scope definition to make sure that systems respond to the right questions and 

provide the opportunity to easily human escalation in case the dialogues reach a level that AI cannot 

handle. In addition, the connection with back-end systems will provide access to customer-specific 

information, thus transforming chatbots into informational portals into the actual service experience in 

the overall customer journey [7]. 

Predictive drop-off detection and resultant intervention plans allow organisations to know which journeys 

may be abandoned before such a state takes place and take specific measures to maintain interest. The 

strategy will replace the reactionary service delivery with proactive interaction, which will involve focusing 

on the irritants of service delivery before the customer becomes frustrated and ends the process. State-of-

the-art deployments monitor nuanced behavioural cues of growing disengagement, such as changes in 
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patterns of interaction, delays at particular points in the journey, or comparative activities that are 

indicative of uncertainty. Intervention strategies have developed further beyond generic retention offers 

to contextually directed assistance depending on the barrier that is outlined due to behavioural analyses. 

The timing aspect is especially important to the efficacy, there being a tight time frame between the 

appearance of the signals and the crystallisation of the abandonment intentions. Multi-channel 

orchestration helps to make interventions through the most appropriate channel, depending on the 

preferences of customers and the characteristics of the problem. Organisations that implement these 

capabilities record not only the restoration of possible revenue, but also the invaluable lessons that would 

be utilised in enhancing the experience and developing an ongoing cycle of optimisation [8]. 

Conditioned on behavioural cues, customised content delivery changes the nature of how organisations 

interact with customers, moving away from the concept of segments to truly individualised customer 

experiences. This attribute allows the content building blocks to be dynamically constructed based on the 

personal context, likes, and needs instead of categorising the customers into fixed segments that get a 

standardised treatment. Further systems examine a wide range of signals, such as previous purchases, 

browsing behaviour, content use, and situational variables, to calculate the best content to be selected and 

displayed. Personalisation extends to the recommendations, educational content, support features, 

interface features, and even the communication style as per the user preferences. Empirical studies show 

that perceived personalisation, which is the awareness on the part of the user that the content was 

customised to him/her, is an important determinant of engagement regardless of whether it improves 

relevance or not [7]. Companies with the greatest success have managed to preserve a balance of 

personalisation and discovery, and their algorithms do not seal them off into an echo chamber, excluding 

potential, but possibly useful, new options. 

 

Implementation 

Area 
Key Features Challenges Success Factors 

Intelligent Chatbots 
Intent recognition, contextual 

understanding 
Scope definition 

Seamless human 

escalation 

Drop-off Detection 
Behavioral signal analysis, 

timing sensitivity 

Intervention 

appropriateness 

Multi-channel 

orchestration 

Content 

Personalization 

Dynamic assembly, contextual 

adaptation 
Echo chambers 

Balance with 

discovery 

Cross-Channel 

Consistency 

Identity resolution, profile 

unification 
System integration Coherent experiences 

Ethical 

Considerations 
Privacy protection, transparency Algorithmic bias 

Customer control 

mechanisms 

Table 3: Implementing AI-Driven Personalization [7, 8] 

 

The cross-channel consistency, which is realised due to a single customer profile, solves one of the key 

issues of experience management: maintaining consistent journeys when customers can move across 

touchpoints. This feature allows the recognition of any entry point, channel switching, or device 

transitions, which provides context-adaptive but continuous experiences. Its technical base is based on 

advanced identity-resolution protocols which map behaviour between authenticated and unauthenticated 

sessions, between digital and physical touchpoints, or between owned and third-party channels [8]. 
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Measuring Impact: Business Outcomes of AI-Enhanced Customer Journeys 

The choice of the right key performance indicators is the essential basis of measuring the business effects 

of the AI-enhanced customer journeys. Extensive systems of measurement require a trade-off between 

pathway performance measures, which are journey-specific, and more general measures, which measure 

experience efficacy. The paradigms of measurement have transformed channel-based measures to 

journey-based measures, which reflect cross-channel motion and continuity of experience. Conversion 

metrics would still be applicable, but they are increasingly being combined with depth -of -engagement 

metrics that show how fully customers engage with the journey. Customer effort metrics have increasingly 

become popular as organisations realise that it is sometimes more effective to reduce friction than add 

features. Emotional-response measures provide a perspective of qualitative aspects that impact long-term 

loyalty, rather than short-term behavioural results. Top organisations use the balanced scorecard, 

whereby both lagging indicators, which capture the past performance, and leading indicators, which 

capture the future performance, are incorporated, thus allowing not only evaluation but also proactive 

optimisation as opposed to solely evaluation in the past. Advanced structures also incorporate feedback 

loops that connect analytics to delivery systems continuously, thereby enabling automatic optimisation 

depending on performance trends [9]. 

 

Measurement 

Area 
Key Indicators Industry Applications Value Creation 

Journey 

Performance 

Conversion, engagement 

depth, effort 
Retail, financial services 

Higher completion 

rates 

Experience 

Quality 

Emotional response, 

satisfaction scores 

Telecommunications, 

healthcare 
Improved loyalty 

Leading 

Indicators 

Friction points, abandonment 

signals 
Travel, service industries 

Proactive 

optimization 

Retention 

Metrics 

Early disengagement, renewal 

rates 
Subscription businesses 

Customer lifetime 

value 

ROI Framework 
Cost reduction, revenue 

enhancement 
Cross-industry 

Implementation 

justification 

Table 4: Business Outcomes Measurement [9, 10] 

 

The variety of industries used in case studies shows that the implementation of AI-enhanced customer 

journeys can have a significant business effect, although the implementation methods and results will 

differ depending on the industry and context. Personalised experiences in the retail sector can transform 

the execution of the browsing process into a buying decision by displaying products of interest, reducing 

search friction, and creating emotional bonds that can influence conversion decisions. Finance services 

companies are using conversational AI and predictive interaction to make the complex application 

process easier, thus increasing the chances of completion and reducing the rate of abandonment and 

operational expenses. Telecommunication companies can introduce the concept of churn prediction 

models and proactive intervention, which detects the potential customers who are at-risk before they start 

giving clear cues of cancelling their services. Healthcare organisations organise circuits between patient 

acquisition and client management procedures that strengthen resource use and optimise the patient 

experience via coordinated care pathways. Common themes in these studies include situational 

understanding, expectations management, friction reduction in areas of decision making, and developing 

emotional bonds in the process, as opposed to just focusing on transactional effectiveness [10]. 
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Especially useful applications of AI-enhanced journey enhancement are customer retention and churn 

reduction, because the long-term value of retention is often much larger than new revenue. The 

effectiveness of AI in the specified field is explained by the ability to identify the slightest indications of 

dissatisfaction before the customers actively consider leaving and initiate the intervention process in the 

timeframes when it is possible to save relationships. Various processes lead to the improvement of 

retention: prompt recognition of at-risk customers through behavioural patterns recognition; designing 

interventions, based on distinct pain points instead of offering generic ones; engaging proactively and, 

therefore, anticipating potential problems before they lead to unpleasant experiences; recovery processes 

that rebrand service issues as loyalty-building opportunities. The complexity of implementation also has a 

heavy effect on the results, and the more advanced methods involve the inclusion of a bigger set of signals, 

fine-grained segmentation, and the individualisation of interventions. The relationship between retention 

improvements and financial performance goes beyond the direct effect of reducing churn to renewal 

improvement, cross-product adoption, share-of-wallet growth, and advocacy-based referral generation. 

The cumulative financial effect is usually higher than that of direct acquisition gains in the long term, as 

there is a multiplicative effect of customer tenure and that of customer value [10]. 

 

Conclusion  

Artificial intelligence as a part of the customer journey management is a critical change towards the 

traditional, company-determined customer journeys to the dynamic customer-centric experiences that 

evolve continuously according to the specific behavioural patterns, individual preferences. The 

transformation opens up unparalleled prospects of eliminating friction, anticipation, and forging more 

robust customer relations on the basis of personalisation in touchpoints. Leading organisations that 

effectively introduce AI-powered journeys are getting major competitive advantages in terms of increasing 

acquisition effectiveness, retention, and conversion rates and, eventually, customer lifetime value. 

Nonetheless, an organisation cannot become successful merely by deploying the technology but by 

performing a comprehensive change of organisational structures, measurement schemes, and the culture 

inherent in them to facilitate the delivery of experiences based on customers and data. With further 

development of AI capabilities, the strategic investment in the latter will probably create a bigger gap 

between leaders and laggards, and will become more essential in order to survive in experience-driven 

markets. The future will be of organisations that will use artificial intelligence not only to replace the 

current process with an automated one but also to radically redefine customer relationships as ongoing, 

adaptive interactions, which transform with each encounter. 
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