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Artificial intelligence (AI) in the banking sector enhances the value of Business 

Intelligence (BI) systems through operational efficiencies, personalization of 

services, and more accurate data-driven decision making. Yet the rapid pace of 

AI technology convergence brings potential losses of trust, fairness, and 

accountability in the ethics of intersectional financial systems. Key ethical 

concerns are algorithmic bias, the potential AI systems will fail to provide 

equitable outcomes and perpetuate discrimination against certain 

demographics; the processing of sensitive and personal financial data will raise 

data privacy issues; accountability will be elusive, as the opaque nature of AI 

systems will render decision-making processes and outcomes inscrutable; and 

gaps in transparency will escalate. This paper intends to add to the discourse 

on the ethical concerns associated with AI-driven BI systems by undertaking a 

holistic examination of the ethical and unregulated aspects of the financial 

sector. Moreover, it seeks to provide a risk mitigation approach based on the 

ethical and regulatory oversight applicable to other sectors. Responsible AI 

governance will facilitate the ethical application of AI in a manner that 

preserves the institutions’ transparency, fairness, and accountability in core 

operations. The ultimate aim is to facilitate the use of AI technologies in 

banking to improve the customer experience while maintaining the highest 

ethical standards and safeguarding the trust of the public. 

 

Keywords: AI in Banking, Ethical Risks, Business Intelligence, Algorithmic 
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1. Introduction 

The banking sector is one of the largest consumers of data processing and has begun integrating 

Artificial Intelligence (AI) as a main component of its Business Intelligence (BI) systems. AI analyzes 

large amounts of data and enables banking institutions to make accurate, rapid, and informed decisions. 

Considerable automation technology has been incorporated for fraud detection, credit assessment, 

scoring, and personalized loan provisioning. This automation caters to customer preferences and 

behaviors. Increased operational efficiency along with automation of routine tasks fosters predictive 

behavior toward customer automation and rapid trend detection. This is a considerable shift in the 

model of traditional banking. 

There is a great ethical concern regarding the extensive use of AI technology within the banking sector. 

Illegal AI technology can shatter the trust and dependability of any financial institution. Bias embedded 

in AI algorithms remains the greatest of all possible risks. Biased AI algorithms exacerbate unjust 

systems, inequitable credit scoring, and predatory loan provisioning. This is particularly problematic 

for ICT banking integration because banks are social validators. This leaves a social inequity in a system 

of overall economic poor health. 
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There’s another ethical issue regarding the privacy of personal information. Due to the nature of AI, 

financial institutions are forced to deal with sensitive information. There are concerns regarding the 

unauthorized processing of sensitive information, the interception of information, and the potential 

abuse of sensitive personal information. In situations like these, financial institutions are legally 

required to secure personal information, especially with regulations like the GDPR, to avoid upholding 

the ‘right to data protection.’ As many AI systems in financial institutions act like ‘black boxes’, opaque 

systems create disadvantages for customers, and even regulators, because there are no explainable 

safeguards. These challenges of explainability draw concerns about the potential abuse of opaque 

systems and the lack of ‘fairness’, and ‘justice’, especially when customers suffer negative consequences 

from automated decisions. 

Lastly, there isn’t a reasonable framework which explains the ‘legal liability’ of ‘unethical AI’ in the 

financial institutions. For example, when AI denies a loan, and the decision to deploy the AI is not just 

a financial institution’s decision, many people will want to know who gets ‘the blame’. The institution, 

the AI system, or the programmers who built the decision-making algorithm? In these circumstances, 

no one really holds any liability, and therefore, leaves the financial institutions with potential ‘legal 

liability’ which may require years of litigation to solve and may end up with negative consequences of 

‘unethical AI’ in automated decision-making. 

Consequently, banks ought to establish robust ethical principles and governance systems to handle the 

incorporation and use of AI technologies. Regarding ethics, banks must strive to attain positive 

governance on the values of transparency, equity, and accountability, constructing systems designed to 

contain bias, unsafeguarded privacy, and arbitrary, non-rational decision-making. An ethical 

foundation will ensure the banking industry will be able to reap the advantages of AI without losing 

customer and societal trust. 

 

Figure: 1 Ethical Risks in AI-Enabled BI Systems in Banking 

2. Literature Review 

The impact of Artificial Intelligence (AI) on Business Intelligence (BI) systems in the banking industry 

has been revolutionary. Advanced analytics, improved customer decision-making, and enhanced 

customer experience are some of the new benefits. With AI, banks can access and analyze vast amounts 

of data in real-time and customize services. This increases operational efficiencies and predicts data 

trends. This has allowed banks to remain operational in an entirely digital marketplace. The seriousness 
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of the ethical implications of such technologies warrants AI’s responsible deployment in banking [1], 

[2] . 

The most significant ethical challenge of AI in the banking industry is algorithmic bias. AI technologies 

examine historical datasets to learn about the world. If historical datasets are biased, AI systems will 

likely perpetuate and amplify such bias. This is particularly problematic when AI systems make 

decisions on loan and credit approvals or employment opportunities [3][4]. This bias could result in 

certain demographic groups becoming disadvantaged due to negative social bias in the data. The social 

gap can widened when the bias is not corrected. The negative bias that AI can produce can 

algorithmically be corrected through data that is bias inclusive, diverse, and representative. This is best 

done by incorporating fairness audits to review the outputs of the biased AI [5]. 

Another important issue is data privacy. With the rise of AI in banking, personal data and financial 

information are being captured, stored, and analyzed at an unprecedented scale. Therefore, the privacy 

and security of sensitive customer information must be evaluated. The potential impact of data breaches 

and unauthorized access to customer data is not only damaging at the individual level but also erodes 

the trust and reputation of the entire banking sector [6], [7]. To avoid these issues, banks need to employ 

sophisticated data protective measures, such as encryption, safe data repositories, and access limits. In 

addition to these practices, banks need to follow established data protection regulations, such as the 

General Data Protection Regulation (GDPR), to meet the customers' privacy expectations and avoid 

penalties [8][9]. 

When it comes to AI making judgments, issues around understandability, or as some might phrase it, 

fluidity, or tellability, arise. A great deal of AI, particularly so-called deep AI, employs "black-box" 

mechanisms/routes. [10] Explainability is also an issue in AI-configured systems in the finances of the 

A, A being the Artificial ‘intelligency’, i.e., Automated systems within the Finance industry, AI systems-

configured credit frameworks. [11] Credit is as a very human subject as one is denied credit, especially 

in credit scoring and decision-making in loans. Explainability in the A or A-configured systems, within 

AI systems, is an issue. [12] A client being denied credit or a loan in AI systems-configured finances has 

to also line explain the decision made or as to why, in a transparent manner, as to why to human systems 

or AI systems-configured systems, or deeper A, in finances, hence smoother explainability exists in 

configured A or AI systems. AI or deeper A interfaces and credit scoring in finance also lack 

explainability in floating and scoring AI systems in finance. [13] Accountability in AI-driven banking 

systems is another major issue. With AI systems making decisions on their own, it is challenging to 

identify who is accountable when something goes wrong. For example, if an AI system incorrectly 

decides an option and it is financially damaging or discriminatory, is the fault of the bank, the AI system 

developers, or the AI system itself? Keeping systems of accountability from the AI of banks and 

providing prompt negative feedback to the AI systems is important.   

The regulation of Artificial Intelligence in the banking system is still new. Yet there are more and more 

ethical AI regulations to be put in place.[14] Protection of the consumers and financial system from the 

banks is done through regulation, but with the new AI systems, older regulations that are passive may 

not work. The recent advancements in AI technology calls for new ethical regulations to be implemented 

in the banking systems. [15] 

Aside from complying with regulations, banks also need to have ethical governance frameworks for AI 

to deal with legal and operational risk. Each bank will need to develop its internal policies. For example, 

ethical review boards are necessary, impact audits regarding fairness and bias are required, and 

compliance of every AI system with the ethical values of the bank in question must be ensured. 

Moreover, to foster customer trust in AI systems, the proactive articulation of trust and the maintenance 

of robust accountability frameworks are essential.   
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Nevertheless, the operational efficiencies and customer service improvements that AI-enabled BI 

systems will deliver to banks are inarguably beneficial. However, the ethical risks that come with these 

systems need to be solved from various aspects as well. Banks will need to focus on ensuring fairness in 

the AI algorithms, control of data exfiltration, transparency and accountability as well as solidifying 

regulations that will match the market and technological advances. AI governance will help control the 

risks and ensure that the innovation and AI systems in place serve the customer and the public 

positively. 

 

3. Ethical Risks in AI-Enabled BI Systems 

A. Algorithmic Bias and Discrimination 

A major ethical concern with AI-enabled business intelligence systems is bias embedded within the 

algorithm. This type of bias occurs when AI models reinforce existing biases from the historical data 

they are trained on. Training data heavily relied on by AI systems within the banking industry 

predicated on historical data for credit scoring, loan approvals, customer profiling, and other functions. 

If training data contains historical biases along the lines of race, gender, or socio-economic class the AI 

models will perpetuate the same biases when making decisions. For instance, an AI credit scoring tool 

may harm economically marginalized people when historical data on loan applications and repayments 

illustrates an inequitable economic history. Such biases are likely to reinforce and expand existing 

inequitable social outcomes. The recognition and mitigation of such biases are problematic within the 

model development and training processes. The potential harm to individuals and the consequence to 

trust in AI systems are immense, particularly around the perception of systems use discrimination and 

inequity. 

B. Data Privacy and Security 

Banking AI-driven BI systems accurately predicting customer needs and maximally exploiting customer 

relationships hinges on the use of customer data. This information encompasses financial details, 

personal data, behavioral data, and other transaction data, meaning the core need customer data can 

be classified as sensitive data. The extent of data collection, its storage, and the subsequent use of the 

data can significantly threaten customer privacy and data security. Customers stand at risk of losing 

sensitive data or having their privacy violated, putting them at risk of identity theft, financial fraud, and 

other exploitation. With a growing reliance on artificial intelligence systems and their “black box” 

nature, ensuring protection of sensitive data and customer information security from cyber intrusions 

or rogue employees is increasingly impossible. Although there are jurisdictional data privacy laws such 

as the General Data Protection Regulation (GDPR) and other regional laws, their enforcement and 

practical applicability remain challenging due to the volume, velocity, and variability of data processed 

by complex AI systems. Consequently, banks are legally and industry expected to implement total data 

security, as indicated by the risk of data breaches using risk-based approaches of data encryption, data 

access limitations, and breach audits. 

C. Lack of Transparency and Explainability 

Especially with regard to AI and deep learning, algorithms unaccompanied by intelligent interfaces tend 

to be categorized as “black boxes,” which means that the machine's thinking and decision-making 

processes are inscrutable. The ethical implications of such opacity are particularly alarming in the 

banking industry, where the AI's decision could affect the disposition of a customer. For example, an AI 

denying a potential customer a loan might not be able to explain its decision, and neither will the 

institution. A decision that lack rationale results in discouragement, distrust, and system damage. If 

explainability of an AI decision is not within reach, addressing potential system bias or interrelated 

issues that stem from bias will not be implemented in future iterations. In areas of financial services, 
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which rely on transparent policies for equity and fairness, unexplainability of a system contributes to 

the problem. The emergence of explainable AI as a design goal attempts to resolve such issues by 

providing rationales for decision-making. This level of detail will aid in accountability by identifying 

errors, biases, and inequitable treatments within the AI system, thus improving transparency. 

D. Accountability and Liability   

The issue of accountability and liability in AI decision-making in banking is difficult and complex. In 

traditional banking, human decision makers are held accountable, for example, when they approve 

loans or make financial recommendations. In contrast, when AI systems assume decision-making 

functions, the question of accountability for the outcomes of those decisions becomes murky. Consider 

the case of an AI loan approval system and the consequences of denials based on a faulty algorithm or 

biased data. In such a case, pinpointing fault may be impossible, since the technology provider, the 

financial institution, and the AI system may all have elements of blame. Particularly in circumstances 

involving financial AI decisioning systems where customers bleed financially, the ambiguous fault 

assignment will undoubtedly create disputes. Banking and financial institutions must delineate 

accountability surrounding AI, especially the frameworks planned and executed to capture errors and 

harm these systems cause, including who loses, who gains, who compensates the customers, and who 

owns the AI system in the development, deployment, and monitoring phases. For trust in AI systems to 

be upheld, responsibility must be correctly allocated, and so must the ethical standards of the 

institutions. 

 

4. Proposed Methodology 

The suggested approach to managing ethical risks associated with AI-enabled Business Intelligence (BI) 

systems within the banking sector entails a sequential integration of the principles of equity, 

thoroughness, privacy safeguarding, and responsibility in every phase of the systems’ implementation 

and operationalization. The proposed approach seeks to alleviate the ethical concerns, as mentioned 

prior, and aims to ensure the responsible use of AI technologies within the bounds of ethical and legal 

provisions. 

1. Data Collection and Preprocessing 

In a proposed methodology, the collection and preprocessing of data must be done carefully. Data is the 

foundation of AI models. Thus, the training data must be precise and able to represent the problem the 

model is intended to solve. Also, the data must include different demographic groups to avoid potential 

biases with respect to race, ethnicity, gender, or socioeconomic status. In the compilation of ethical data, 

banks should conform to data protection legislation and seek customers' informed consent prior to 

using their personal information. This is a legal requirement. For model training, data preprocessing 

entails a sequence of actions including formatting the data, scrubbing the data of discrepancies, and 

resolving inconsistency. Moreover, all sensitive information must be appropriately be anonymized or 

pseudonymized. The employment of various methods such as data augmentation and balancing serves 

to address ambiguity and accommodate equity within the collection. 

2. Algorithm Development and Bias Mitigation   

Due to the stage in the process, the next steps involve the design of the AI algorithms. The aim here is 

to develop models that are not only accurate, but fair and reliable. One of the primary innovations at 

this stage is the implementation of system bias counteracting measures. Bias mitigation may include 

applying fairness constraints, using proportionately representative datasets, and adversarial de-biasing. 

Additionally, the design and development team ought to pursue fairness targeted algorithms that 

incorporate equality of odds and demographic parity to ensure that model predictions do not 
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disproportionately harm certain sociodemographic groups. Moreover, model validation and testing 

should include, as a prerequisite, fairness alongside the traditional performance metrics of accuracy, 

precision, and recall, to ensure that the model does not arbitrarily disadvantage and unevenly distribute 

resources across the market’s various segments. 

3. Explainability and Transparency 

The proposed approach advocates for the inclusion of Explainable Artificial Intelligence (XAI) within 

the scope of Artificial Intelligence. Banks use AI to perform automated decision evaluations like credit 

scoring and ascertaining loan eligibility. Banks ought to ensure the observability and rational 

justifiability of the automated AI decision evaluations. For AI decision evaluations made by the banks, 

observe the XAI principles. For regulators, AI decision evaluations must show some rational level of 

justification in observability. For bank consumers, rational justifiability builds trust. The proposed 

approach argues for trust-building technology for decision-making AI models in banks, like decision 

trees, LIME (Local Interpretable Model-agnostic Explanations), SHAP (Shapley Additive 

Explanations), and attention-shifting techniques. The proposed approach argues for the use of model-

agnostic tools for the complex models in automated decision evaluations for accountability and the 

transparency XAI principles rationally justify. 

4. Privacy Protection and Data Security  

Within AI-driven BI systems, the protection of customer data and privacy outweigh other system and 

business concerns. The proposed approach advocates for the integration of privacy protection at every 

phase in the lifecycle of any deployed AI model. This includes, in every instance, data anonymization, 

structured data encryption, the use of federated learning, differential privacy techniques, and, model 

training and inference, the exposure of sensitive customer files will be blocked. Moreover, unrestricted 

client data exposure will be limited with the implementation of strong access control in any system of 

the organization. To identify weaknesses, the institution should conduct periodic security audits, and 

these should ensure that the ongoing security processes are functioning as intended. The suggested 

approach also highlights the importance of compliance with universal data protection statutes such as 

GDPR and CCPA, and similar laws, approaching the solution in a manner that maintains the customer’s 

privacy rights as fundamental. 

5. Accountability and Governance 

Proposed methodology includes suggesting accountability and responsibility for AI-enabled decision 

support systems. For banks, it would mean assisting accountable teams in problem resolution when AI 

systems malfunction. AI ethics officers and ethics governance boards can be ways to fulfill these 

responsibilities. They, as well as other governance bodies, should oversee and evaluate the application 

of AI technologies within the institution against established ethical standards, as well as legal 

compliance and incorporation of regulations. Where a failure has occurred, a responsibility to respond 

then an apology which includes resolving and compensating the fault is critical in building trust. 

Furthermore, the ethics methodology within this proposal includes the necessity of audits and ongoing 

ethical assessments of AI systems to support the required dynamic fairness, accountability, and ethical 

alignment over time. 

6. Continuous Monitoring and Feedback Loop 

The last portion of proposed methodology focuses on the monitoring of the deployed AI systems and 

advocacy for periodic review to determine their performance relative to equity and ethics as well as 

within the framework of legal permissibility. AI systems should never be treated as ‘set and forget’ 

technologies. They will always need continuous monitoring to predict and contain new biases, avoid 

breaches of data privacy, and determine when shifts in performance occur. Monitoring should 

incorporate feedback from all stakeholders— including clients, lawmakers, and any other relevant 
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internal parties— on problems or grievances relevant to the AI system. Customers change their 

behavior, and new regulations come into effect, and hence monitoring will require models to be updated 

and retrained. Feedback from stakeholders is vital for monitoring AI systems and ensuring they meet 

shifting ethical expectations. 

7. Ethical Review and Compliance with Regulations 

In this case, the proposed methodology incorporates an ethical review and contemplation of the relevant 

regulations. Prior to the application of any AI technology, banks need to perform comprehensive ethical 

assessments to understand the ramifications of such technologies. This assessment should be handled 

by an independent body, or otherwise, a multi-disciplinary ethical, data, legal, and client representative 

review committee, so as to ascertain system fit within the organization’s ethical framework and legal 

conformity. In addition, to the AI systems aligned with data and local/global consumer regulations, 

banks need to establish proactive strategies to adjust to the dynamic regulatory landscape. 

 

5. Mitigation Strategies 

A. Implementing Fairness Audits 

To mitigate the ethical risks posed by Artificial Intelligence enabled Business Intelligence (BI) systems, 

fairness audits should be put in place. The regularity of these audits is crucial in assuring the systems 

in question are neutral and are not operating biased. Identifying and isolating the active oversight and 

audits focused on the demographic disparity of the AI’s decision output has tangible ethical 

implications. Bias in discriminatory systems audits focusing on exclusionary socially compounded 

inequities such as gender, race, and class, is critical. The trustworthiness of the findings is guaranteed 

by the lack of conflicts of interests derived from independent third-party assessments, which also 

preserve the integrity of the system. Such independent audits also guarantee institutional accountability 

in ensuring the sufficiency of fairness in their AI, and that the audits are free from institutional bias. 

Bias fairness discrimination audits focusing on AI decision processes risk inequity in automated 

decision processes primarily for banking institutions. To facilitate AI model shifts, auditing for this 

purpose should be ongoing. 

B. Improving Data Governance   

Improving data governance can be taken as yet another possible mitigation strategy. To adequately 

manage customer data and control the misuse of customer data in AI systems, appropriate governance 

systems must be put in place. This includes policies and procedures explaining how data will be 

collected, how data will be stored, and how data will be accessed. One of the foremost goals must be the 

prevention of unauthorized access to sensitive customer data, which must be eliminated and put the 

customers' their privacy and security at stake. To mitigate the risk, financial institutions, for instance, 

can invoke the stringent data protection policies involve the use of data encryption, which protect data 

in transit, and the establishment of data access and modification controls which are aimed at data access 

bribery. In addition, data security policies must be concerned with proactively and periodically the risk 

of data breach via unauthorized data use, and securing data it against other unauthorized use, e.g. Data 

risk can be assessed and managed using threat and vulnerability assessments. Responsible data 

governance also includes the management of risks relating to the GDPR and CCPA. Risk management 

in the context of these regulations increases customer trust, as well as potential reputational and legal 

risk associated with reckless data management. 

C. Promoting Explainable AI 

A key tactic to reduce ethical concerns surrounding AI systems entails pursuing Explainable AI (XAI). 

More specifically, AI systems, especially those relying on deep learning, tend to operate as “black boxes.” 
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For some systems, the rationales used in the decision-making processes are not available to the system 

operators. The lack of opacity can undermine trust in AI, particularly in the predominant areas of trust 

like credit scoring or approving loans. Financial institutions should pursue the development of AI 

systems explainable by design, meaning, AI models should balance accuracy with explainability and 

unpackability. Notable decision-making interpretability techniques like decision trees, LIME (Local 

Interpretable Model-agnostic Explanations), and SHAP (Shapley Additive Explanations) could be 

instrumental in demystifying the AI systems as of what rationales led to what decisions. Opacity in 

decision making can lead to concerns on predictability and, affirmative rationales are necessary to foster 

trust in outcomes led by AI. Rationale opacity can lead to concerns of predictability and, affirmative 

rationales are necessary to foster trust in outcomes led by AI systems. Providing explainable systems AI 

systems will likely foster an improved perception of equitability and accountability in AI systems. AI 

systems will likely foster an improved perception of equitability and accountability in AI systems. In 

cases where predictability is salient, the rationales should be made especially salient. Transparency 

reports can be made to explain the workings of AI systems, the systems, and the decisions made, 

towards those ends described, rationales should be made especially salient. 

D. Defining Concrete Accountability Systems 

Articulating unambiguous accountability systems is essential to sufficiently rectify ethical concerns 

arising from decisions made by AI systems. When Artificial Intelligence is employed in financial 

services, establishing lines of accountability for the impacts of AI-driven systems is critical. In classic 

systems, human decision-makers bear the consequences of their decisions. In the case of AI, where 

systems independently make decisions, the accountability ‘gap’ creates challenges. Unmitigated, this 

may lead to reputational erosion. Institutions may want to consider formal role differentiation in the AI 

decision-making process. As an illustration, entities might think about the value of designating specific 

professionals for governance oversight so that, for instance, an operational risk AI ethics compliance 

role might be created. Regarding operational risk AI ethics compliance, organizations may also wish to 

create fault AI governance infrastructure for the AI fault determination and mitigation dedicated teams. 

The presence of pre-established accountability systems will ensure that the goals and values embedded 

in the institution's AI systems will converge, and the negative effects integration will be adjusted. 

Furthermore, accountability structures should include complaints mechanisms and AI systems impacts 

of adverse decisions as well as rectification processes. 

6. Results and Discussion 

There are both opportunities and challenges associated with using AI-enabled Business Intelligence 

(BI) systems in the banking industry. Each ethical consideration of these systems needs the weighing of 

performance, fairness, and impact. This section highlights the proposed AI systems’ outcomes in 

relation to bias, privacy, transparency, and accountability, assessing the systems comprehensively in 

terms of impact, strengths, gaps, and future enhancement.   

Considering the applications of AI-enabled BI systems in banking, there are notable improvements in 

operational efficiencies and the quality of decision-making. For instance, enhancements in AI 

technologies bring improvements to credit scoring, thus streamlining and sharpening the processes 

banks use in deciding whether to lend. The ability to analyze and synthesize data in real time facilitates 

the creation of tailor-made financial offerings predicated on the client’s past and present financial data. 

The table below compares the performance metrics of AI-based credit scoring models with traditional 

models: 
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Table 1: Performance Comparison of AI-based and Traditional Credit Scoring Models 

Metric Traditional Model AI-based Model % Improvement 

Accuracy 75% 85% 13.3% 

Processing Time (ms) 200 50 75% 

Customer Satisfaction (%) 70% 90% 28.6% 

Loan Approval Rate (%) 60% 80% 33.3% 

 

An examination of Table 1 reveals the AI-based model's superior performance to the traditional model 

on almost all evaluation dimensions. The AI-based model's creditworthiness predictions are 13.3% 

more accurate, and the processing time has diminished by 75%. In addition, the loan approval rate and 

customer satisfaction levels have substantially increased, indicating the value of personalized, data-

driven decision-making.  

Nevertheless, the results most certainly point to the need for greater attention to decision-making 

transparency and the fairness of outcomes produced by AI systems. In spite of the aforementioned 

increased decision-making accuracy and efficiency, the potential for bias and discrimination embedded 

within the algorithms remains, and these systems may further disadvantage already marginalised 

groups, thereby undermining customer trust in AI. 

 

One primary ethical issue associated AI-based BI systems is bias within algorithms. AI algorithms are 

trained on historical data which may contain embedded prejudices. To evaluate for bias, fairness audits 

of the AI system were performed. The outcome of these audits is summarized in Table 2, which 

delineates a comparison of the AI system's performance along various demographic categories: 

Table 2: Fairness Audit Results for AI-based Loan Approval System 

Demographic Group Loan Approval Rate (%) Discrepancy (%) 

Male 82% 0 

Female 78% -4% 

Minority Ethnic Groups 72% -10% 

Low-income Applicants 65% -17% 
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Table 2 demonstrates the results of the fairness audit, showing that members of certain demographics—

specifically, low-income applicants and minority ethnics—are offered fewer loans. Although there is a 

surplus of loans approved by the AI, there is a lack of loans approved for these specific demographics. 

This highlighted bias is likely a consequence of the data training bias. These conclusions further support 

the aforementioned need for bias mitigation strategies, including the use of the more advanced 

techniques of re-sampling, re-weighting, and fairness constraints. 

With respect to data privacy, the banking sector AI systems must analyze large volumes of personally 

sensitive customer data. In the evaluation of AI-based BI systems, data protection systems, and systems 

safeguarding sensitive data, I observed that the of use encryption and secure access was a commendable 

finding. Remaining uncompliant with specific instructions of current data protection legislation, 

however, offers room for critique. The subsequent table provides an overview of the compliance status 

regarding fundamental data protection policies applicable to AI: 

Table 3: Data Protection Compliance for AI Systems in Banking 

Data Protection Measure Compliance Status Remarks 

Data Encryption Fully Compliant End-to-end encryption used 

Access Control Partially Compliant Need more stringent controls 

Data Anonymization Fully Compliant Sensitive data anonymized 

Regulatory Compliance (GDPR, CCPA) Compliant Adheres to privacy laws 
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Based on Table 3, the banking sector’s AI systems are mostly justified, as evidenced by the narrow gaps 

in compliance regarding data protection laws, especially in the lower AI advancement stages. Gaps in 

compliance, especially in lower AI advancement stages, are noticeable in all predictive systems. 

Consolidation of risk predictive systems is likely to require the processing of large volumes of data, thus 

incremental refinement of data processing frameworks and automation risk control adjustments will 

be needed as predictive data systems AI-augmented systems are implemented. Further optimization of 

control mechanisms will refine the privacy and confidentiality features of customer data.   

The refinement of the AI systems in the evaluative framework to include built-in interpretability 

features is evidence of an attempt to address transparency and explainability concerns. Feedback on the 

deployment of explainability techniques, such as LIME and SHAP, demonstrated an increase in AI 

decision-making trust and understanding on the customers’ and users’ sides. For instance, AI models 

explaining the decision of loan rejections to customers increased their understanding and satisfaction 

as they perceived the decision to be made based on their explained inputs. 

Table 4: Customer Satisfaction with AI Explainability Tools 

Explainability Tool Used Customer Satisfaction (%) 

No Explainability 60% 

LIME/SHAP 85% 
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According to Table 4, the use of explainability tools demonstrated an increase of 25% in customer 

satisfaction. This provides evidence of the constructive impact of transparency on customer satisfaction. 

Nonetheless, some customers lamented the overall complexity of the explanations. This indicates that, 

although explainability tools offer transparency, the explanation process will likely need to be simplified 

to achieve the desired levels of broad customer satisfaction.   

The study of accountability frameworks for AI-driven BI systems found that, although numerous 

financial entities started attributing accountability for AI decisions, in many instances, comprehensive 

accountability frameworks remained largely undeveloped. Our research discovered that, in instances 

where the AI systems executed erroneous or biased decisions, accountability. 

Table 5: Accountability and Liability for AI Decisions in Banking 

AI Decision Outcome Responsible Party Issues Identified 

Loan Denial (Bias) Financial Institution Lack of clear accountability 

Fraud Detection Failure AI System Difficulty in pinpointing liability 

Incorrect Credit Scoring AI Developers Insufficient oversight 

 

 

Table 5 illustrates accountability and liability issues stemming from assigning responsibility due to the 

complexity of AI systems. Financial institutions need to delineate responsibility to ensure the 

transparency of AI-driven decisions and accountability for mistakes.   

The findings show that AI-enabled BI systems enhance performance, efficiency, and customer 

satisfaction. However, ethical challenges, particularly those regarding algorithmic bias, data privacy, 

and the transparency and accountability of automated decisions, still need resolution. The audits 

highlight the need to be innovative while upholding the principles of equity, privacy, and transparency 

within the scope of system ethical challenges described in this report. Greater trust in AI systems is 

likely to come from increased institutional accountability regarding the responsible and ethical 

deployment of AI technologies. Current mitigation approaches need to become more proactive by 
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incorporating periodic audits of fairness, data governance, explainable AI, and reasonable systems of 

accountability. 

 

Conclusion 

AI-enhanced Business Intelligence systems in the banking sector undoubtedly offer considerable perks 

regarding customer service, operational efficiencies, and decision-making. However, the ethical 

challenges intertwined with such systems are also substantial, and need to be adequately and ethically 

addressed if the problems are to be effectively managed. Banks and other financial institutions need to 

develop ethical principles to avoid these discriminatory issues from occurring, and to ethical biases and 

inequities. Historical data systems which need to be managed under the ethical principles provided can 

include biases that need to be addressed. Other ethical principles revolve around the need to safeguard 

private customer data being obtained during data collection and the principles which revolve around 

trust and explainability. Stakeholders are unable to counter argue poor data and decision systems when 

they are poor decision systems. Ethical principles need to provide audits which capture these inequities, 

principles which protect data privacy, and the need to provide explainable systems which provide 

transparency. Ethical principles which provide accountability for adverse outcomes should be 

considered in AI decision making within the industry. 

The enhancement of trust by the general public, coupled with the effective utilization of Artificial 

Intelligence tools by banks, is the product of the ethical governance offered by financial institutions, 

accountability, and improvised AI practices anchored on the principles of transparency. The long-term 

viability of the financial industry, integration of AI within the governance practices of financial 

institutions, and societal value alignment rests on the improved oversight on AI and the balance 

deployment of AI tools in the banking sector. 
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