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Enterprise financial analytics faces critical accessibility barriers where complex 

data systems require specialized technical expertise, creating bottlenecks for 

non-technical stakeholders seeking analytical insights. This article presents a 

comprehensive framework for natural-language finance agents that addresses 

architectural, governance, and collaboration requirements for production 

deployment in regulated financial environments. Our framework proposes 

constrained generation mechanisms with financial domain-specific semantic 

modeling, policy-binding governance structures with automated compliance 

validation, and structured human-AI collaboration patterns with escalation 

protocols. We demonstrate framework applicability through illustrative use 

cases spanning financial forecasting, variance analysis, and executive reporting 

while maintaining regulatory compliance and audit trail requirements. The 

proposed architecture defines evaluation frameworks for analytical 

accessibility while preserving accuracy standards essential for enterprise 

financial decision-making. 
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1. Introduction 

1.1 Problem Statement 

Enterprise financial analytics suffers from a fundamental accessibility gap where complex analytical 

capabilities remain locked behind technical barriers that prevent business stakeholders from 

accessing critical insights independently. Current business intelligence systems require specialized 

knowledge of SQL, dimensional modeling, and statistical analysis methodologies, creating 

organizational bottlenecks where finance professionals depend on technical teams for routine 

analytical tasks. This dependency introduces delays in decision-making processes, reduces analytical 

agility, and limits the democratization of data-driven insights across financial organizations. 

1.2 Gap in Prior Work 

Existing natural-language interfaces for business intelligence lack the precision, governance controls, 

and domain-specific validation mechanisms required for financial applications where accuracy and 

compliance are paramount. Prior research in conversational AI for analytics focuses on general-

purpose systems without addressing the specialized requirements of financial domains including 

regulatory compliance mandates, comprehensive audit trail generation, calculation accuracy 

standards, and risk management protocols. Current approaches fail to integrate semantic modeling 

with governance frameworks specifically designed for enterprise financial environments where errors 

can have significant business and regulatory consequences. 
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1.3 Contributions 

This article makes the following specific contributions to natural-language financial analytics: 

● Constrained Generation Architecture: A multi-layered semantic framework that constrains 

large language model outputs to verified financial calculation patterns with domain-specific validation 

mechanisms and accuracy verification protocols. 

● Policy-Binding Governance Model: Automated mechanisms that translate regulatory 

requirements and organizational policies into executable system constraints with real-time 

compliance monitoring and violation detection capabilities. 

● Human-AI Collaboration Taxonomy: Structured validation workflows and escalation protocols 

that preserve human expertise while leveraging AI capabilities for analytical acceleration and insight 

generation. 

● Audit Trail Schema: Comprehensive logging architecture that captures decision points, data 

lineage, user interactions, and system responses for regulatory compliance and forensic analysis 

requirements. 

● Financial Domain Ontology: Semantic models that encode accounting principles, metric 

definitions, temporal business logic, and regulatory constraints specific to financial analytics 

environments. 

● Threat Model and Mitigation Framework: Systematic approach to identifying and addressing 

security vulnerabilities including prompt injection, data exfiltration, and metric manipulation attacks. 

1.4 Paper Organization 

Section 2 presents the technical architecture including semantic layers, constrained generation 

mechanisms, and reference implementation patterns. Section 3 details governance frameworks, risk 

mitigation strategies, and threat model analysis. Section 4 examines human-AI collaboration patterns, 

escalation protocols, and implementation approaches. Section 5 provides evaluation methodology 

with task suites, metrics, and error analysis. Section 6 presents related work with comparative 

analysis against existing approaches. Section 7 discusses limitations, threat considerations, and future 

research directions. 

 

2. Technical Architecture and System Design 

2.1 Reference Architecture Framework 

The foundational architecture for natural-language finance agents implements a six-layer design 

approach optimized for enterprise financial environments. The presentation layer manages 

conversational interfaces with natural language understanding capabilities and multi-turn context 

preservation. The semantic layer provides financial domain knowledge representation with metric 

definitions, business hierarchies, and regulatory rule encoding. The constraint layer implements 

policy-binding mechanisms with real-time validation and compliance checking capabilities. 

The reasoning layer processes complex analytical queries through retrieval-augmented generation 

with template-based output structuring. The execution layer provides secure data access with row-

level security enforcement and comprehensive audit logging. The monitoring layer implements real-

time performance tracking with anomaly detection and automated alerting mechanisms. 
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Fig. 1: Natural-Language Finance Agents Architecture. 

 

Integration with existing enterprise financial systems follows service-oriented architecture principles 

with standardized API interfaces. The framework supports horizontal scaling through distributed 

processing capabilities and intelligent load balancing across computational resources. Performance 

optimization includes adaptive caching strategies for frequently accessed financial data and 

connection pooling for database resource management. 

2.2 Financial Domain Semantic Layer 

The semantic layer implements comprehensive financial domain knowledge through structured 

ontologies that capture accounting principles, metric relationships, and regulatory requirements. 

Metric definitions encode complex business logic, including calculation methodologies, aggregation 

rules, and temporal considerations specific to financial reporting standards. 

Core Financial Concepts: 

● Chart of accounts hierarchies with GL code mappings 

● Financial statement relationships and dependencies 

● Revenue recognition patterns and timing rules 

● Cost allocation methodologies and overhead distributions 

● Currency conversion protocols and exchange rate handling 

Business hierarchies capture organizational structures including cost centers, profit centers, legal 

entities, and product categorizations. These hierarchies enable appropriate aggregation operations 

while maintaining compliance with internal reporting requirements and external regulatory 

mandates. 
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Temporal Business Logic: 

● Fiscal calendar definitions with period-end processing rules 

● Seasonal adjustment factors for comparative analysis 

● Historical restatement protocols and audit trail maintenance 

● Forward-looking projection methodologies with confidence intervals 

2.3 Constrained Generation Mechanisms 

The constrained generation system implements multiple validation layers to ensure analytical outputs 

conform to verified financial calculation patterns. Template-based generation approaches constrain 

large language model outputs to pre-validated analytical methodologies while maintaining flexibility 

for diverse query requirements. 

Safety Validation Pipeline: 

1. Query Structure Validation: Verifies logical consistency and syntactic correctness of generated 

analytical queries 

2. Financial Logic Validation: Ensures mathematical operations align with accounting principles 

and regulatory requirements 

3. Temporal Consistency Validation: Confirms time-based calculations use appropriate periods and 

comparison methodologies 

4. Data Lineage Validation: Tracks source systems and transformation steps for comprehensive audit 

trails 

Retrieval-augmented generation grounds analytical responses in authoritative financial documents 

including accounting standards, regulatory guidance, and organizational policies. The system 

maintains current libraries of applicable regulations with automated update mechanisms for policy 

changes. 

Template Categories: 

● Variance analysis patterns with root cause investigation 

● Trend analysis methodologies with statistical validation 

● Forecasting approaches with confidence interval calculation 

● Ratio analysis frameworks with industry benchmarking 

2.4 Security and Access Control Framework 

Role-based access control integration leverages existing enterprise identity management systems with 

detailed permission models aligned to organizational structures. Multi-factor authentication provides 

additional security layers for sensitive financial data access while maintaining operational efficiency 

for routine analytical tasks. 

Access Control Implementation: 

● Dynamic row-level security based on organizational hierarchy 

● Column-level restrictions for sensitive financial information 

● Query result filtering based on data classification policies 

● Audit logging for all data access and analytical operations 
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Privacy-preserving query execution implements data masking and tokenization approaches that 

protect sensitive information while enabling necessary analytical functions. The system includes 

privacy-aware optimization features that minimize data exposure during analytical processing. 

 

3. Governance Framework and Risk Management 

3.1 Multi-Layered Governance Architecture 

The governance framework implements policy-binding mechanisms that translate high-level 

organizational policies into executable system constraints with automated enforcement capabilities. 

Regulatory compliance modules address financial reporting standards, data protection requirements, 

and industry-specific mandates through systematic monitoring and validation processes. 

Policy Specification Schema (YAML Format): 

 financial_policy: 

  id: "variance_analysis_policy_v1.2" 

  scope: "budget_variance_analysis" 

  constraints: 

    - type: "calculation_accuracy" 

      threshold: 0.01 

      validation: "cross_reference_gl" 

    - type: "data_freshness" 

      max_age: "24_hours" 

      sources: ["erp_system", "budget_tool"] 

    - type: "approval_required" 

      variance_threshold: 0.05 

      escalation: "finance_manager" 

  audit_retention: "7_years" 

  compliance_frameworks: ["SOX", "GDPR", "SOC2"] 

 Audit Trail Schema: 

 { 

  "audit_event": { 

    "timestamp": "ISO_8601_datetime", 

    "user_id": "string", 

    "session_id": "string",  

    "query_hash": "sha256", 

    "data_sources": ["array_of_systems"], 

    "policy_validations": ["array_of_checks"], 

    "result_classification": "sensitivity_level", 
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    "retention_period": "duration" 

  } 

} 

 3.2 Threat Model and Security Analysis 

Scope and Assumptions: This threat model assumes enterprise identity and access management 

systems are properly configured and maintained. The analysis covers attacks specific to natural-

language financial interfaces, assuming underlying database security, network protection, and 

endpoint management follow enterprise standards.  

Out of scope: physical security, social engineering targeting individual users, and attacks on 

underlying infrastructure components not specific to the AI-powered analytics layer. We assume data 

classification policies are enforced at the data source level and that only approved, audited tools are 

integrated into the analytical workflow. 

Identified Threats and Mitigations: 

Threat Category Specific Risk Mitigation Strategy 

Prompt Injection 
Malicious query 

manipulation 
Input sanitization + template constraints 

Data Exfiltration Unauthorized data access Row-level security + audit logging 

Metric 

Manipulation 

Calculation result 

tampering 

Multi-layer validation + cross-reference 

checking 

Tool Hijacking 
Unauthorized system 

access 

Role-based permissions + session 

management 

Model Poisoning 
Training data 

contamination 

Retrieval-based approach + validated 

knowledge base 

 

Security Control Implementation: 

● Input validation with financial domain-specific sanitization rules 

● Output filtering to prevent sensitive data leakage through analytical results 

● Session management with automatic timeout and suspicious activity detection 

● Comprehensive logging of all user interactions and system responses 

3.3 Risk Assessment and Mitigation 

Risk evaluation processes implement systematic monitoring across accuracy, compliance, and 

operational performance dimensions. Automated validation protocols compare system outputs 

against established benchmarks with statistical significance testing and confidence interval analysis. 
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Risk Assessment Matrix: 

Risk Category 
Impact 

Level 
Probability 

Detection 

Method 
Mitigation Strategy 

Calculation 

Accuracy Errors 
High Medium 

Cross-validation 

protocols 

Multi-layer validation 

with confidence scoring 

Regulatory 

Compliance 

Violations 

Critical Low 
Automated policy 

monitoring 

Real-time compliance 

checking with escalation 

Data Security 

Breaches 
Critical Low 

Access pattern 

analysis 

Role-based controls with 

comprehensive audit 

trails 

System 

Performance 

Degradation 

Medium Medium 
Performance 

monitoring 

Load balancing with 

resource optimization 

 

4. Human-AI Collaboration Patterns 

4.1 Collaborative Workflow Taxonomy 

Human-AI collaboration patterns enhance professional capabilities through systematic integration of 

domain expertise with AI analytical acceleration. The framework implements structured validation 

workflows that preserve human oversight while leveraging automated capabilities for routine 

analytical tasks. 

Collaboration Workflow Stages: 

Stage Human Role AI Contribution Validation Required 

Interpret 
Domain expertise and 

context understanding 

Natural language parsing 

and intent classification 

Query clarification if 

ambiguous 

Generate 
Parameter validation and 

assumption review 

Automated calculation and 

template application 

Cross-reference with 

business rules 

Validate 
Professional judgment and 

accuracy verification 

Statistical consistency 

checks and data lineage 

Expert approval for 

material variances 

Escalate 
Decision on approval 

requirements 

Confidence scoring and 

threshold assessment 

Automatic routing 

based on policy 

Approve 
Final authorization and 

responsibility 

Documentation generation 

and audit trail 

Formal sign-off for 

regulatory compliance 

Publish 
Result interpretation and 

communication 

Visualization and report 

formatting 

Stakeholder 

notification and 

archival 
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4.2 Escalation Protocols and Human Oversight 

Escalation Triggers: 

● Confidence scores below predetermined thresholds (< 0.7 for routine analysis) 

● Policy violation detection during query processing 

● Anomalous patterns in analytical results requiring expert interpretation 

● Novel query types not covered by existing template libraries 

Human-in-the-Loop Integration: 

● Interactive debugging interfaces for query refinement and validation 

● Visual explanation tools showing calculation logic and data lineage 

● Collaborative annotation systems for improving model performance 

● Expert feedback loops for expanding template libraries and validation rules 

4.3 User Experience and Interface Design 

The conversational interface supports natural language interaction patterns adapted for financial 

domain terminology and analytical workflows. Context preservation across multiple conversation 

turns enables iterative analysis development through progressive query refinement. 

Interface Features: 

● Natural language query processing with financial terminology recognition 

● Real-time guidance and suggestion systems for query optimization 

● Interactive visualization generation based on analytical context 

● Export capabilities compatible with existing reporting workflows 

 

5. Evaluation Methodology 

5.1 Task Suite Definition 

The evaluation framework implements comprehensive testing across core financial analytical 

capabilities with measurable performance metrics and error analysis protocols. 

Primary Task Categories: 

1. Natural Language to SQL Translation: Converting financial queries into executable database 

operations 

2. Variance Analysis and Explanation: Automated investigation of budget vs. actual performance 

differences 

3. Financial Forecasting Q&A: Responding to predictive analysis questions with confidence intervals 

4. Regulatory Compliance Checking: Validating analytical outputs against applicable financial 

regulations 
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5.2 Baseline Comparisons and Metrics 

Evaluation Metrics: 

● Execution Accuracy: Percentage of queries generating mathematically correct results (Target: 

>95%) 

● Groundedness Score: Alignment of responses with authoritative financial sources (Target: >90%) 

● Compliance Violation Rate: Frequency of outputs violating regulatory requirements (Target: <1%) 

● Response Latency: Time from query submission to result delivery (Target: <5 seconds) 

● User Satisfaction: Qualitative assessment of interface usability and result quality 

Metric Definitions and Computation: 

Execution Accuracy: Measured per individual query. Scoring uses automated SQL validation 

against ground truth results combined with expert review for complex calculations. Sample size: 

minimum 100 queries per task category with stratified sampling across complexity levels. 

Groundedness Score: Evaluated per analytical response. Computed using semantic similarity 

between AI explanations and authoritative source documents, validated through expert annotation. 

Scoring threshold: cosine similarity > 0.85 with source materials. 

Compliance Violation Rate: Assessed per analytical output. Automated checking against policy 

specifications with manual review for edge cases. Evaluation unit: individual analysis with binary 

pass/fail classification. 

Response Latency: Measured per user session from query submission to result delivery. Automated 

timing with statistical aggregation across user types and query complexity levels. 

User Satisfaction: Qualitative assessment through structured interviews and usability testing. 

Evaluation approach: Likert scale ratings with follow-up questions, minimum 20 participants per user 

role category. 

Baseline Systems: 

● Traditional BI tools (Tableau, PowerBI) with manual query construction 

● General-purpose conversational AI systems (ChatGPT, Claude) without financial domain constraints 

● Existing natural language interfaces for databases (Text-to-SQL systems) 

5.3 Error Analysis and Performance Assessment 

Systematic error categorization identifies failure modes across accuracy, compliance, and usability 

dimensions. Pattern recognition capabilities detect common error types with automated correction 

suggestions and escalation protocols. 

Error Categories: 

● Semantic Misinterpretation: Incorrect understanding of financial terminology or business 

context 

● Calculation Logic Errors: Mathematical mistakes in aggregation, ratio calculation, or temporal 

analysis 

● Data Access Violations: Attempts to access restricted information beyond user permissions 

● Temporal Inconsistency: Incorrect handling of fiscal periods, calendar adjustments, or historical 

comparisons 
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6. Related Work 

6.1 Natural Language Interfaces for Business Intelligence 

Prior research in conversational analytics focuses primarily on general-purpose systems without 

addressing financial domain requirements. Text-to-SQL approaches demonstrate capabilities in 

database query generation but lack the governance mechanisms and domain-specific validation 

required for financial applications [1]. Commercial BI platforms implement natural language features 

but require extensive customization for enterprise financial environments. 

6.2 Semantic Layer Approaches 

Existing semantic modeling frameworks provide foundation concepts for business intelligence 

systems but lack integration with modern large language models and conversational interfaces [2]. 

Financial data modeling approaches address domain-specific requirements but do not incorporate AI-

powered natural language processing capabilities. 

6.3 AI Governance for Financial Applications 

Recent work in AI governance addresses general principles but lacks practical implementation 

frameworks for financial analytics environments [6]. Regulatory compliance approaches for AI 

systems focus on model development rather than operational deployment with real-time monitoring 

and validation requirements. 

Comparative Analysis: 

Approach 
Domain 

Focus 

Governance 

Integration 

Human-AI 

Collaboration 

Regulatory 

Compliance 

Traditional BI 

Tools 

General 

Business 

Manual Policy 

Implementation 
Limited Audit Trail Only 

General NL 

Interfaces 

Cross-

Domain 
Minimal Basic Not Addressed 

Our 

Framework 

Financial 

Analytics 

Automated Policy 

Binding 

Structured 

Workflows 
Comprehensive 

 

6.4 Novelty Analysis 

What is New vs Prior Work: Our framework differs from existing approaches in three 

key dimensions: 

1. Domain-Specific Constraint Integration: Unlike general NL→SQL systems that focus on 

syntactic correctness, our approach integrates financial domain validation with accounting principle 

verification and regulatory compliance checking at query generation time. 

2. Real-Time Policy Binding: While governance-only approaches provide static compliance 

frameworks, our system translates regulatory requirements into executable constraints that operate 

during analytical processing with automatic violation detection and escalation. 

3. Structured Human-AI Collaboration: Rather than RAG-only approaches that provide 

information retrieval without workflow integration, our framework implements systematic validation 

protocols with escalation triggers and expert feedback loops tailored for financial analytical processes. 
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Comparison 

Dimension 

General 

NL→SQL 

RAG-Only 

Systems 

Governance-

Only 

Our 

Framework 

Financial Domain 

Validation 
None Limited Manual 

Automated + 

Expert 

Real-Time 

Compliance 
No No Static Policies 

Dynamic 

Enforcement 

Human-AI 

Integration 
Basic 

Information 

Only 
Manual Review 

Structured 

Workflows 

Audit Trail 

Completeness 
Query Logs Retrieval Logs Policy Records 

End-to-End 

Lineage 

Regulatory 

Alignment 
Generic Content-Based Policy-Based 

Executable 

Constraints 

Error Detection Syntax Only 
Retrieval 

Accuracy 
Manual Review 

Multi-Layer 

Validation 

 

7. Limitations and Future Directions 

7.1 Current Limitations 

Terminology Ambiguity: Financial terminology varies across organizations and regulatory 

frameworks, requiring extensive customization of semantic models for specific enterprise 

environments. Metric definitions may conflict between business units, creating challenges for 

consistent analytical interpretation. 

Metric Drift: Financial calculation methodologies evolve due to regulatory changes, accounting 

standard updates, and organizational restructuring. The system requires continuous maintenance to 

align with changing business requirements and compliance mandates. 

Complex Regulatory Landscape: Financial regulations vary significantly across jurisdictions and 

industry segments, making comprehensive compliance validation challenging for multinational 

organizations operating under multiple regulatory frameworks. 

7.2 Technical Constraints 

Integration Complexity: Legacy financial systems often lack standardized APIs and modern data 

access mechanisms, requiring extensive customization for enterprise deployment. Data quality issues 

in source systems can propagate through AI-generated analysis without proper validation 

mechanisms. 

Scalability Limitations: Current architecture supports moderate concurrent usage but may require 

optimization for large-scale deployment across enterprise organizations with thousands of users and 

complex analytical workloads. 

7.3 Future Research Directions 

Automated Ontology Evolution: Development of machine learning approaches for automatically 

updating financial domain ontologies based on regulatory changes and organizational policy updates. 

Federated Learning for Privacy: Investigation of federated learning approaches that enable 

model improvement while preserving sensitive financial data privacy across organizational 

boundaries. 
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Multi-Modal Financial Analysis: Extension of natural language interfaces to incorporate 

document analysis, chart interpretation, and other non-structured financial data sources. 

 

8. Conclusion 

This article establishes comprehensive frameworks for deploying natural-language finance agents that 

address the unique technical, governance, and organizational requirements of enterprise financial 

environments. The architectural contributions demonstrate systematic approaches to integrating 

conversational AI capabilities with existing financial systems while maintaining security, accuracy, 

and compliance standards essential for business-critical operations. 

The multi-layered governance model provides practical implementation guidance for organizations 

seeking to deploy AI-powered financial analytics while satisfying regulatory requirements through 

automated enforcement mechanisms and comprehensive audit trail generation. Risk mitigation 

strategies address both technical accuracy concerns and operational challenges through systematic 

validation protocols, threat model analysis, and continuous monitoring infrastructures. 

Human-AI collaboration patterns illustrate effective integration approaches that enhance professional 

capabilities rather than replacing domain expertise, enabling finance professionals to leverage AI 

capabilities while maintaining appropriate oversight and control over analytical processes. The 

evaluation framework provides measurable assessment criteria for system performance across 

accuracy, compliance, and usability dimensions. 

Future research directions include automated ontology evolution, federated learning approaches for 

privacy preservation, and multi-modal financial analysis capabilities. The frameworks established in 

this article provide foundational guidance for practitioners and technology leaders seeking to harness 

conversational AI capabilities for enterprise financial analytics while maintaining the rigor and 

reliability required for business-critical decision-making processes. 
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Appendix A: Audit Schema and Policy Specifications 

A.1 Complete Audit Trail Schema 

 { 

  "audit_record": { 

    "event_id": "uuid", 

    "timestamp": "ISO_8601_datetime", 

    "user_identity": { 

      "user_id": "string", 

      "role": "string", 

      "department": "string", 

      "session_id": "string" 

    }, 

    "query_context": { 

      "original_query": "string", 

      "processed_query": "string", 

      "query_hash": "sha256", 

      "semantic_interpretation": "json_object" 

    }, 

    "data_access": { 

      "sources_accessed": ["array_of_systems"], 

      "tables_queried": ["array_of_tables"], 

      "row_count": "integer", 

      "data_classification": "sensitivity_level" 

    }, 

    "processing_details": { 

      "execution_time_ms": "integer", 

      "validation_checks": ["array_of_validations"], 

      "policy_evaluations": ["array_of_policies"], 

      "confidence_score": "float" 

    }, 

https://www.nature.com/articles/nature14539
https://dl.acm.org/doi/book/10.5555/311445
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    "output_metadata": { 

      "result_format": "string", 

      "aggregation_level": "string", 

      "data_lineage": "json_object", 

      "retention_period": "duration" 

    }, 

    "compliance_flags": { 

      "regulatory_frameworks": ["array_of_regulations"], 

      "approval_required": "boolean", 

      "escalation_triggered": "boolean" 

    } 

  } 

} 

 A.2 Sample Policy Specifications 

 # Financial Variance Analysis Policy 

policy_id: "FIN_VAR_001" 

version: "1.3" 

effective_date: "2025-01-01" 

scope: "budget_variance_analysis" 

 

constraints: 

  calculation_accuracy: 

    tolerance: 0.001 

    validation_method: "cross_reference_gl" 

    required_checks: ["mathematical_consistency", "period_alignment"] 

   

  data_requirements: 

    freshness: "24_hours" 

    sources: ["sap_erp", "hyperion_budget", "actuals_mart"] 

    completeness_threshold: 0.95 

   

  approval_workflows: 

    variance_threshold: 0.05 

    escalation_path: ["finance_analyst", "finance_manager", "cfo"] 
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    notification_requirements: ["email", "dashboard_alert"] 

compliance: 

  frameworks: ["SOX_404", "COSO", "SOC2_TYPE2"] 

  audit_retention: "7_years" 

  privacy_classification: "confidential" 

 

monitoring: 

  performance_sla: "5_seconds" 

  availability_target: "99.9%" 

  error_threshold: "1%" 

 A.3 Example Test Cases 

Test Case 1: Revenue Variance Analysis 

● Input Query: "Why is Q4 revenue 15% below budget for the North America region?" 

● Expected Output: Root cause analysis with drill-down by product line and month 

● Validation Criteria: Calculation accuracy within 0.1%, complete data lineage, regulatory compliance 

Test Case 2: Multi-Currency Consolidation 

● Input Query: "Show consolidated EBITDA margin trends with currency impact analysis" 

● Expected Output: Time series analysis with FX variance breakdown 

● Validation Criteria: Proper currency conversion rates, period-end adjustments, audit trail 

Test Case 3: Forecasting Sensitivity Analysis 

● Input Query: "What's the impact of 10% revenue decline on cash flow projections?" 

● Expected Output: Scenario analysis with confidence intervals and assumptions 

● Validation Criteria: Model assumptions documented, sensitivity ranges validated, escalation for 

material changes 

 


