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This article presents an in-depth analysis of Large Language Models (LLMs), a rapidly expanding 

technology. The main objective is to provide a comprehensive state-of-the-art overview, 

exploring recent advancements, challenges, and future perspectives. The methodology employed 

is based on a systematic review of scientific literature, combined with a comparative analysis of 

existing models. Some of the most popular LLMs, such as GPT-4, LaMDA, Claude, etc., are 

presented with their architectures and applications. This comparative analysis highlights the 

strengths and weaknesses of each model. The article also offers selection guidelines to help users 

choose the most suitable LLM for their needs. These guidelines are based on a multi-criteria 

approach, considering factors such as model size, performance, required resources, and ethical 

considerations. The impact of this article is significant, as it provides a valuable resource for 

researchers, developers, and LLM users. By offering a clear and structured overview of this 

complex field, it facilitates the understanding and adoption of these technologies. By following 

the selection guidelines presented in this article and staying informed about the latest trends, 

one can choose the LLM that will achieve its objectives effectively and efficiently. 
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INTRODUCTION 

AI Large Language Models (LLMs) have revolutionized many fields, from machine translation to content generation. 

More and more users are venturing into the use of these models in various domains such as human resources 

management [1], medicine [2, 3, 4], physics [5], education [6, 7], e-commerce [8], and applications [9, 10]. As [11] 

points out, "LLMs are becoming the core technology of AI, powering a new wave of applications and services that are 

transforming how we work, communicate, and interact with the world." It should be noted that this revolution comes 

with a major challenge: the diversity of available models. Indeed, the plethora of available models does not make the 

task easy for users and can make choosing an AI model difficult. It can be difficult even to find one's way around. A 

Gartner report highlights this complexity: "The LLM market is booming, with new players and new models constantly 

emerging. This rapid growth can make choosing the right model complex for businesses" [12]. We see no standardized 

norms or criteria for evaluating and comparing different LLM models. This can make it difficult for businesses to 

determine which models are the most efficient and best suited to their needs. 

It is in this context that this article takes on its full meaning. It aims to provide a state-of-the-art overview of LLMs, 

present some popular models, and offer selection guidelines to help users choose the most suitable LLM for their 

needs. 

Its primary objective is to explore the foundations of these models, their capabilities, and their limitations. A focus 

on their architectures will be made. Its second objective is to provide key guidelines for choosing the LLM best suited 

to specific needs, considering factors such as the task to be accomplished, budget, ease of use, confidentiality, and 

security. 

The state of the art has covered many articles interesting to LLMs, but these articles do not focus on the issue of LLM 

selection. [13] introduced the concept of few-shot learning for LLMs, a technique that has revolutionized their ability 
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to perform various tasks with little specific training. [14] explored the impact of model size and training datasets on 

LLM performance, paving the way for the creation of increasingly large and efficient models. [15] highlights the 

potential risks associated with LLMs, such as the propagation of biases, false information, and hate speech, 

emphasizing the need for a responsible and ethical approach to their development and use. [16] explores the 

intersection of Large Language Models (LLMs) and cognitive science, examining similarities and differences between 

LLMs and human cognitive processes. [17] presents a comprehensive review of evaluation methods for LLMs, 

focusing on three key dimensions: what to evaluate, where to evaluate, and how to evaluate. [6, 7] also explore various 

application scenarios of LLMs in classroom teaching, such as teacher-student collaboration, personalized learning, 

and assessment automation. [18] provides an overview of the history of LLMs, their evolution over time, delves into 

the working principles of language models, and analyzes different architectures of the GPT. [19] provide a survey with 

multiple perspectives on the utilization of LLMs in the multilingual scenario. It aims to help the research community 

address multilingual problems and provide a comprehensive understanding of the core concepts, key techniques, and 

latest developments in multilingual natural language processing based on LLMs. [5, 20] provide an overview of works 

relating to LLMs, the history of LLMs, their evolution over time, the architecture of transformers in LLMs, the 

different resources of LLMs, and the different training methods that have been used to train them. 

This article will serve as a guide for some users by giving them confidence when they navigate the LLM landscape 

and allow them to make an informed choice that will propel their projects to success. 

The rest of the article is organized as follows: the presentation of the research methodology is described in section II, 

section III presents the results of our bibliometric study; contributions are discussed in Section IV and Section V 

focuses on the conclusion and future work. 

METHODOLOGY 

Our approach to developing this article consisted of an in-depth review of the scientific and technical literature 

devoted to Large Language Models (LLMs). This exploration was conducted through the use of academic search 

engines such as Google Scholar, JSTOR, and ACM Digital Library, as well as specialized databases in the field of 

artificial intelligence, such as arXiv [https://arxiv.org/list/cs.AI/recent] and Semantic Scholar 

[https://www.semanticscholar.org/]. We favored peer-reviewed research articles, conference proceedings, and 

reference publications to ensure the rigor and validity of the information collected. 

In parallel with this academic review, we also consulted blog articles, industry publications, and technical reports 

from recognized organizations in the field of AI, such as OpenAI [https://openai.com/], Google AI 

[https://ai.google/latest-news/], DeepMind [https://deepmind.google], Meta AI [https://research.facebook.com], 

and Anthropic [https://www.anthropic.com/]. This approach allowed us to supplement our analysis with up-to-date 

information on the latest LLM models, their practical applications, and the challenges they face. 

By combining these different sources of information, we were able to provide a comprehensive and up-to-date state-

of-the-art overview of LLMs, identify the most popular models and their applications, and develop relevant selection 

guidelines to help users choose the LLM best suited to their needs. 

RESULTS 

State of the Art of LLMs 

Large Language Models (LLMs) have become key players in the field of artificial intelligence. Trained on immense 

corpora of textual data, they have the ability to understand and generate text with remarkable sophistication. This 

feat opens the door to a multitude of applications, ranging from machine translation to creative content creation. 

Indeed, LLMs excel in understanding and generating natural language, which allows them to perform various tasks: 

• Machine Translation: They can translate text from one language to another with surprising accuracy. 

• Text Summarization: They can condense long documents into a few key sentences, preserving the essence of 

the message. 
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• Creative Text Generation: They can write poems, stories, articles, etc., with a style sometimes 

indistinguishable from that of a human. 

• Question Answering: They can provide accurate and relevant answers to questions asked in natural language, 

relying on their encyclopedic knowledge. 

• Sentiment Analysis: They can determine whether a text expresses a positive, negative, or neutral opinion, 

which is useful for analyzing customer reviews or social media conversations. 

However, despite their spectacular advances, LLMs still face challenges, including: 

• Bias: LLMs can reflect the biases present in the data on which they were trained, which can lead to 

discrimination or stereotypes. 

• Lack of Transparency: The internal workings of LLMs can be opaque, making it difficult to understand their 

decisions. 

• Cost: Training and using LLMs can be expensive, limiting their access to certain organizations or individuals. 

However, research continues to address these challenges and improve LLMs. The prospects are promising, with 

constant advances in areas such as bias reduction, transparency improvement, and cost reduction. 

Popular LLMs 

In the literature, we encounter several LLMs, the most popular currently available, each with its strengths and 

specialties, are presented in this work. 

GPT-4 (OpenAI) 

GPT-4 is OpenAI's latest model, succeeding GPT-3. It is recognized for its creative text generation capabilities, its 

understanding of natural language, and its ability to handle complex tasks. According to OpenAI, GPT-4 is "more 

creative and collaborative than ever" and can "handle much more complex instructions" [21]. It can generate ideas, 

songs, creative texts, etc. It can also learn a user's writing style and adapt to it" [21]. 

GPT-4 is a multimodal language model based on the Transformer architecture (Fig. 1), but with major innovations 

in design and capabilities [20, 22]. It marks a significant evolution compared to its predecessors, notably thanks to 

its hybrid architecture and multimodal approach. 

GPT-4 utilizes a Mixture of Experts (MoE) architecture, composed of 16 specialized sub-networks (or "experts"), each 

containing approximately 100 billion parameters [22]. For each query, only 2 experts are activated, which enhances 

efficiency and reduces computational costs. This approach allows for specialization in various tasks while sharing 50 

billion common parameters for attention mechanisms. GPT-4 can process up to 128,000 tokens (approximately 

96,000 words), compared to 4,096 tokens for GPT-3.5. This enables it to analyze long documents (up to 50 pages) 

or complex conversations without losing track of the exchange [22]. Unlike GPT-3.5, GPT-4 integrates a native 

multimodal capability. For example, it can analyze a provided medical diagram and generate a textual diagnosis [23]. 

Table 1 presents a comparison of some characteristics of GPT-4 and GPT-3.5. 

[Table 1] 

A significant innovation was introduced with the GPT-4o ("omni") version, which unifies modalities (text, audio, 

image) into a single model, unlike previous versions that used disjoint systems. This allows for: 

• Real-time interaction with human-latency voice responses. 

• Better understanding of emotions and nuances in audio inputs [27]. 

• Superior performance in multilingual speech recognition and translation [26]. 

GPT-4 has been refined through Reinforcement Learning from Human Feedback (RLHF), incorporating human 

feedback to reduce biases and dangerous responses. Emphasis is placed on security to test and limit abusive uses 

such as malicious code generation [26]. Three points are noted as limitations of GPT-4: transparency, data recency, 
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and cost. Regarding transparency, details about training and architecture are not presented [28]. Concerning data 

recency, GPT-4's knowledge is primarily based on data prior to 2023 [26]. As for cost, the required infrastructure 

(computation, storage) remains prohibitive for replication outside of OpenAI [29]. 

 

LaMDA (Google AI) 

LaMDA (Language Model for Dialogue Applications) is a language model developed by Google, designed to be 

conversational and informative. It has been presented as a model capable of engaging in natural and engaging 

conversations on a variety of topics. [30] emphasizes that LaMDA is "capable of understanding and responding to 

complex questions" and that it can "generate original and creative text." 

LaMDA is built on the Transformer architecture, which was introduced by Google Research in 2017 [31]. Transformer 

is a neural network architecture consisting of an encoder and a decoder. The encoder takes a sequence of words as 

input and transforms it into a vector representation. This vector representation contains information about each 

word in the sequence and their relationship to each other. The decoder uses the vector representation generated by 

the encoder to generate an output. The encoder and decoder can be parallelized. Figure 1 presents this architecture. 

[Figure 1] 

This architecture is fundamental to modern natural language processing and allows the model to: 

• Analyze relationships between words: The Transformer uses attention mechanisms to understand how words 

in a sentence or paragraph interact with each other, which is essential for predicting the next words in a 

dialogue. 

• Manage long sequences: Thanks to its ability to process longer text sequences, LaMDA can maintain context 

across multiple exchanges in a conversation. 

Unlike other language models that are often trained on various corpora, LaMDA has been specifically trained on 

dialogues [32]. This allows it to learn the nuances and subtleties that characterize human conversations, such as: 

• Contextual sensitivity: The ability to generate responses that make sense in the context of a given 

conversation. 

• Fluency and relevance: LaMDA is designed to produce responses that seem natural and engaging, which is 

crucial for realistic human interactions. 

These characteristics make LaMDA particularly suitable for applications such as: 

• Advanced chatbots: Used in customer service and other areas where simulated human interaction is desired 

[33]. 

• Virtual assistants: Capable of handling complex and varied queries. 

When LaMDA answers a question or engages in a conversation, it generates several potential responses. These 

responses are then evaluated and ranked based on their relevance and quality, allowing the model to select the most 

appropriate response [33, 34]. Regarding security and ethics, measures are in place to prevent the generation of 

harmful or biased content [35]. The model has been tested to ensure it meets high standards of safety and ethics. 

Claude (Anthropic) 

Claude is an LLM developed by Anthropic, a company co-founded by former OpenAI employees. It distinguishes 

itself by its approach focused on safety and ethics [37]. It was designed to be a helpful, honest, and harmless assistant, 

with a conversational tone. Claude is capable of understanding and answering questions, generating creative text, 

translating languages, writing different types of creative content, and answering questions informatively. Its design 

was made to avoid inappropriate or dangerous responses, using techniques such as "Constitutional AI" [36]. 
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Although the precise technical details of Claude's architecture are not publicly available, it is known that it is a large 

language model based on transformers, similar to other LLMs like GPT-3 [20, 31]. It was trained on a large amount 

of textual data to learn the relationships between words and concepts. Anthropic emphasizes safety and ethics in the 

development of its models, using techniques to reduce the risks of bias, false information, and undesirable behaviors. 

Claude stands out in several aspects: 

• Emphasis on safety and ethics: Anthropic has implemented rigorous safety measures to minimize the risks 

associated with LLMs, such as the generation of inappropriate or biased content [37]. 

• Design for conversation: Claude is optimized for conversational interactions, with the ability to understand 

context and provide relevant and natural responses [38]. 

• Versatility: Claude can be used for various tasks, ranging from creative writing to answering complex 

questions [39]. 

Anthropic offers different access options to Claude, including an API for developers and a Pro version for individual 

users. Prices vary depending on usage and needs. Like all LLMs, Claude has certain limitations [40]: 

• Bias: Although efforts are made to reduce biases, they can still be present in the training data and affect 

Claude's responses. 

• Incorrect information: Claude can sometimes generate incorrect or misleading information, as it does not 

possess a real-world understanding and relies on textual data. 

• Lack of common sense: Claude may struggle with certain tasks that require common sense or a deep 

understanding of context. 

Despite its limitations, Claude offers many advantages [37, 40]: 

• Writing assistance: Claude can help with writing creative texts, emails, reports, etc. 

• Quick responses: Claude can provide quick answers to complex questions, which can be useful for 

information retrieval. 

• Language translation: Claude can translate text from one language to another. 

• Learning: Interacting with Claude can be an interesting learning experience, as it can provide new 

perspectives and information. 

Llama 2 (Meta) 

Llama 2 is an open-source model developed by Meta. It offers great flexibility to developers, who can adapt it to their 

specific needs. [41] indicates that Llama 2 is "a powerful and versatile model" that can be used for "a variety of tasks, 

from text generation to machine translation." Llama 2 was released in July 2023 and is available in different sizes, 

with a number of parameters ranging from 7 billion to 70 billion [41]. 

Llama 2 is based on the Transformer architecture [20, 26], which is a standard architecture for LLMs. It uses an 

attention mechanism to process text, which allows it to understand context and generate coherent text. The tuned 

versions use supervised fine-tuning (SFT) and reinforcement learning with human feedback (RLHF) to align to 

human preferences for helpfulness and safety [41]. Llama 2 was pretrained on 2 trillion tokens of data from publicly 

available sources. 

Llama 2 stands out for its open-source nature. It is freely accessible for research and commercial use, which 

differentiates it from many other proprietary LLMs. This open approach fosters innovation and allows a wide range 

of developers and researchers to work with the model. Access to Llama 2 is free, however, it is important to note that 

running Llama 2 may require significant computing resources, which can lead to indirect costs. 

Llama 2 has the following limitations [41]: 
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• Resources: Running Llama 2 may require significant computing resources, which can be an obstacle for some 

users. 

• Use: Like any LLM, Llama 2 can be used for malicious purposes, such as generating false information or hate 

speech. 

On the other hand, Llama 2 has some advantages, including [41]: 

• Open source: Access to Llama 2 is free. This allows a wide range of people to use and improve it. 

• Performance: Llama 2 has demonstrated competitive performance compared to other LLMs in its class. 

• Flexibility: Llama 2 is available in different sizes, allowing it to be adapted to different needs and resources. 

Mistral 

Mistral is a large language model (LLM) developed by the French startup of the same name. It stands out for its 

innovative architecture and promising performance. It offers several models, with numerous variations, including 

multimodal and open-source versions. Thanks to its ability to understand natural language in French, Mistral can be 

used for a wide variety of tasks, such as text generation, machine translation, text classification, information 

extraction, and speech synthesis [42]. Mistral Large has been trained on a diverse corpus of texts, including news 

articles, books, websites, and online conversations, which allows it to understand a wide range of writing styles and 

language registers. 

Mistral uses a transformer architecture [26], like most recent LLMs. However, it distinguishes itself by using a 

"grouped-query attention" (GQA) mechanism [43, 44]. This technique reduces the complexity and computational 

cost during inference, making Mistral faster and less resource-intensive than some of its competitors. 

Mistral has the following particularities: 

• Efficiency: Mistral's architecture is designed to be performant while requiring fewer resources, making it 

potentially more accessible for large-scale use. 

• Focus on French: Although Mistral can handle multiple languages, it has been trained with particular 

attention to French, which gives it a good command of this language. 

• Open source: Mistral has been released as open source, which means its code is accessible to everyone. This 

fosters collaboration and innovation around this model. 

Since Mistral is open source, its direct usage cost is zero. However, the costs associated with the infrastructure needed 

to run it (servers, computing power, etc.) must be taken into account. These costs may vary depending on the usage 

and scale of the project. 

Like any LLM, Mistral has its limitations [43]: 

• Limited knowledge: Although it is trained on a large amount of data, Mistral has gaps in certain knowledge 

domains. 

• Bias: LLMs are likely to reflect biases present in the data they were trained on. Mistral is no exception and 

may sometimes produce biased or discriminatory results. 

• Content generation: Although it can generate text fluently and coherently, it can sometimes produce 

incorrect or misleading information. 

Despite its limitations, Mistral has several advantages: 

• Performance: It offers good performance in various tasks, including understanding and generating text in 

French. 

• Efficiency: Its optimized architecture makes it faster and less expensive to use than some other LLMs. 
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• Open source: Its open-source nature fosters innovation and collaboration. 

LLM Gemini 

Gemini is a large language model (LLM) developed by Google DeepMind [45]. It was designed to be multimodal, 

meaning it can understand and process different types of information, such as text, code, images, and audio [46]. 

Gemini's architecture is based on the Transformer model [47], which is a neural network architecture commonly used 

for LLMs. However, Gemini stands out for its ability to handle multiple modalities, which allows it to better 

understand the world around it and provide more complete and relevant responses [48, 49]. 

Gemini's particularities include: 

• Multimodality: Gemini can understand and integrate information from different sources, which allows it to 

provide richer and more contextual responses [46]. 

• Advanced capabilities: Gemini has been trained on a large amount of data, which allows it to perform 

complex tasks such as translation, creative text generation, and answering difficult questions [48]. 

• Integration with other Google products: Gemini is integrated with other Google products, such as the search 

engine and Bard, which allows it to improve their functionalities [49]. 

The cost of using Gemini will depend on the specific use you make of it. Google offers different options, including free 

and paid versions. Gemini has the following limitations: 

• Bias: Like all LLMs, Gemini can exhibit biases because it was trained on data that may contain prejudices. 

• Hallucinations: Gemini can sometimes generate incorrect or invented information, which is a common 

problem for LLMs. 

• Resource requirements: Using Gemini may require significant resources in terms of computing power and 

memory. 

Gemini has the following advantages [50]: 

• Versatility: Gemini can be used for a wide range of tasks, making it a powerful tool for many fields. 

• Performance: Gemini has demonstrated high performance in various benchmarks, making it one of the most 

powerful LLMs. 

• Continuous improvement: Google continues to develop and improve Gemini, which means its capabilities 

are likely to continue to improve in the future. 

There are many other LLM we do not present here such as BERT, Deep seek, T5, Bart, etc. This state-of-the-art allows 

us to know that there are several LLMs and that each LLM has its limitations and advantages. We also note that LLMs 

use different architectures, but the dominant architecture is the Transformer model [20, 37, 50]. Some LLMs are 

specific and oriented to precise domains, others are intended to be generalists and attempt to respond to all requests 

from any domain.  

Factors in Choosing an LLM: An In-Depth Analysis 

Choosing a large language model (LLM) is a strategic decision that must be guided by a clear understanding of specific 

needs, budget constraints, and security requirements. Below, we present an exploration of the key factors to consider 

when selecting an LLM. 

Task to be Accomplished 

The task to be accomplished can guide the choice of LLM based on its nature and complexity. The nature of the task 

can be: 

• Answering questions: For applications such as chatbots or search engines, LLMs focused on accuracy and 

information retrieval are suitable. Appropriate examples are GPT-4, Gemini, BERT (Devlin et al., 2018). 
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• Text generation: If the goal is to generate original content (poems, stories, articles), LLMs like GPT-4 [26] or 

LaMDA [30] are excellent choices due to their advanced creative capabilities [11]. 

• Sentiment analysis: If analyzing opinions or emotions is required, specialized models like XLNet, GPT-4 can 

offer better performance. 

As for the complexity of the task, it is noted that there are: 

• Simple tasks like basic text classification, where smaller and faster models may suffice. 

• Complex tasks requiring larger and more sophisticated LLMs, capable of handling linguistic and contextual 

nuances [13]. 

Budget 

The budget can also play a crucial role in choosing an LLM. Indeed, depending on the budget, one can decide to use 

a free or paid LLM. This involves the cost of use. One can choose open-source models: in fact, open-source LLMs like 

Llama 2 (Meta) offer a free alternative. However, these require computing resources for training and deployment. 

One can choose a paid model (API): Commercial LLMs like GPT-4 are accessible via paid APIs, with costs varying 

based on usage. 

Alongside the cost of use, it is noted that there may be a need for computing resources. This can be: 

• A need for computing power: Larger LLMs require considerable computing power for training and inference, 

which can lead to high costs [51]. 

• A need for cost optimization: Techniques exist to optimize costs, such as model compression, knowledge 

distillation, and the use of specialized hardware [52]. 

Ease of Use 

Another quite important factor in the choice of LLMs is ease of use. Some LLMs have an intuitive interface or produce 

easily integrable APIs. For example, most commercial LLMs are accessible via APIs, which facilitates their integration 

into existing applications. It is also noted that libraries like Transformers [53] simplify the use of open-source LLMs. 

Good documentation and usage examples are essential to facilitate the adoption of LLMs. The existence of responsive 

technical support that can help solve problems and optimize the use of an LLM is a major asset in its selection. 

Confidentiality and Security 

Data protection and model security can influence the choice of an LLM. Indeed, some data can be very sensitive (for 

example, personal, banking, or medical information), the chosen LLM must comply with current regulations (GDPR, 

HIPAA, etc.), in order to protect this data [54]. We can consider encryption and anonymization as security measures 

to protect data during its processing by the LLM. It should be noted that LLMs can be vulnerable to attacks, such as 

data poisoning or adversarial attacks. It is necessary to ensure whether security measures to protect the model against 

these attacks and guarantee its integrity are proposed by the LLM or are possible locally. 

Other Factors 

Other means that can guide the choice of an LLM that can be mentioned include: 

• Performance and accuracy: consists of evaluating the performance of LLMs on specific tasks, and comparing 

the results on benchmark datasets and choosing the best. But, this has a cost that can be exorbitant [55]. 

• Scalability: when it is recommended to use the LLM for large-scale applications, and manage large volumes 

of data and frequent queries without compromising performance, this dimension must be taken into account 

[56]. 

• Personalization and adaptation: some LLMs can be customized or adapted to specific use cases. This 

flexibility must be considered in the choice of the LLM. 
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• Community: It is also necessary to ensure that the LLM has complete documentation and an active 

community of users. These elements are important in case of difficulties during the use of the LLM. Their 

existence could encourage the choice of the LLM. 

Choosing the ideal LLM is an iterative process that requires careful evaluation of needs, resources, and constraints. 

By considering these key factors and relying on the provided bibliographic references, you will be able to make an 

informed decision and select the LLM that will allow you to achieve your goals successfully. 

DISCUSSION 

Choosing the best LLM is an important decision that can have a significant impact on the success of a project. This 

choice is an iterative process that requires careful evaluation of needs, resources, and constraints. By considering the 

factors mentioned above and having information on the different models available, you can choose the LLM best 

suited to your project. 

The nature of the work to be done is a determining factor. It will lead us to consider LLMs that excel in our type of 

work. We have identified the main types of tasks to be performed and have proposed some LLMs. For "question and 

answer" type work, chatbots or search engines with AI, LLMs focused on accuracy and information retrieval are best 

suited. This type of work can be the subject of use of weak or specialized AI in the fields of work. If the goal is to 

generate content such as poems, stories, or articles, GPT-4 or LaMDA are good candidates, due to their advanced 

creative abilities [11]. However, we can be wary of biases and data imaginations. For the choice, it would be interesting 

to take into account the types of data on which the work is based. 

For a simple task, most LLMs can do it with more or less satisfactory results that experience or trials can help in the 

choice of the tool. But for complex tasks such as sentiment analysis or automatic language translation, we must look 

towards larger and more sophisticated LLMs, capable of managing linguistic and contextual nuances [13]. [11] finds 

that GPT-4 and LaMDA are good candidates, due to their advanced capabilities. DeepSeek, which aims to be a 

competitor to Chat-GPT-4, can also be interesting [57]. 

The proprietary or open-source nature of the LLM can also influence its choice, depending on the importance of the 

budget and the nature of the project. For learning or experimentation work, open-source LLMs are good candidates. 

It is important to note that the field of LLMs is in full swing, with new models and new features appearing regularly. 

It is therefore essential to stay informed of the latest advances to make the best possible choice. Useful resources for 

following LLM news include specialized artificial intelligence journals that regularly publish articles on LLMs. Among 

the most prestigious, we can mention the "Journal of Machine Learning Research" and "Artificial Intelligence". AI 

conferences and symposia are an opportunity to discover the latest research and developments in LLMs. The NeurIPS 

(Neural Information Processing Systems) and ICML (International Conference on Machine Learning) conferences 

are particularly renowned in this field. Blogs and websites specializing in AI also offer articles and analyses on LLMs. 

Among the most popular, we can mention "Towards Data Science" and "Synced Review". 

CONCLUSION 

The current landscape of LLMs offers a multitude of options to meet diverse needs. Choosing the ideal model involves 

carefully evaluating your objectives, allocated budget, and specific project requirements. LLMs distinguish 

themselves by their performance, ability to handle different tasks, cost, and ease of integration. Some excel in creative 

text generation, while others specialize in translation or answering questions. It is crucial to stay informed about the 

latest advancements in this constantly evolving field. Research publications, conferences, and online communities 

are excellent sources of information. Don't hesitate to experiment with different models to determine which one best 

suits your needs. The key is to find a balance between performance, cost, and ease of use. 

By following these tips and adapting to the constant progress of technology, you will be able to choose the LLM that 

will allow you to achieve your goals effectively and efficiently. 
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